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ABSTRACT 
Search engine advertising is a very profitable industry. Google’s AdWords 
technology is the predominant tool to advertise on search engines. It allows 
advertisers to bid for keywords that match the user’s search keywords and 
display an advertisement in the event of a match and a high enough bid. Various 
metrics exist to measure the quality and success of such keywords. These 
metrics rely on historical data and are used to determine the advertisement’s 
position or rank on the search results page. A prominent challenge in search 
engine advertising is generating the right keywords to match the web user’s 
search query. Traditionally advertisers preferred popular keywords that tend to 
have high search volumes and hence are more expensive. A recent development 
involves bidding for a larger number of less expensive keywords that 
accumulatively generate the same amount of traffic, which is called the long-tail 
effect.  
 
In order to solve the difficulty of generating a large number of related keywords, 
filter on the less expensive long-tail keywords and additionally establish a 
method of predicting the success of these, the author conducted a thorough 
literature review, in which both academic literature as well as industry papers 
were taken into account. Industry papers and academic literature generally 
agree when it comes to the how of generating these long-tail keywords. The main 
technique that is used recently thrives on generating semantically similar words, 
i.e. synonymy. When it comes to predicting the success of these, the options 
narrow. As it turns out most research has been conducted in conditions when 
there is historical data available, but the challenge was to predict the success of 
keywords in advance, not in hindsight. The author extracted a potentially useful 
criterion from the available literature at hand to predict the success of keywords, 
being the approximate frequency of occurrence on the Web of a keyword. Based 
on the above, the author went forth and constructed an approach that brings 
together the most prevalent approaches to create candidate keywords and a 
ClickValue proven technique to filter on long-tail keywords. 
 
The approach was implemented in a user-friendly software module. She then 
designed and conducted an experiment to measure the success of her approach 
by comparing the output of this module against the manual labor of industry 
experts, based on the same input. The evaluation made use of some very basic 
but sound set operators as well as the criterion mentioned above. The outcome 
of the experiment was that her module appears to yield superior results mainly 
due to the automated creation of synonyms and the many created combinations 
of words. Additionally it automatically filters out the more expensive short-tail 
keywords. Furthermore, the keyword set it generated has a lower frequency of 
occurrence and higher approximate CTR. 
 
Keywords: Search Engine Advertising, long-tail keyword generation, synonymy, 
Google AdWords, predicting CTR 
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1. INTRODUCTION 

1.1 Context 

1.1.1 Google AdWords 

Search Engine Advertising (SEA) is a digital marketing platform, as hosted by 
most of the major Internet search engines. It allows web site owners to advertise 
on the search engine result pages in such a matter that their advertisement is 
highly related to the search query that the user performed.  When it comes to 
search engine advertising, Google AdWords is the primary SEA tool used by the 
majority of the online marketing companies, both globally as well in the 
Netherlands. This should come as no surprise as Google is the industry leader in 
the search engine domain, for instance currently dominating about 65% percent 
of the US searches1 and over 90% of the UK searches2. This demonstrates how 
wide the Google audience is. Google’s main source of income is online 
advertising: more than 96% of its annual revenue in the year of 2011 is derived 
from within the digital advertisement domain3. Around 70% of this particular 
type of income originates in Google’s AdWords program4 . AdWords are 
sponsored links that appear on top of or to the right of the Google search results 
page. They share a similar structure and look-and-feel with the regular search 
results (called organic results). The advertising spots are competed for through 
an online, real-time bidding system. Advertisers make real-time bids for 
keywords and when the keywords match the keywords of the search query, the 
one with the highest bid will see its advertisement displayed (called an 
impression) the highest on the page. Google allows for several matching 
mechanisms that allow for flexibility in the matching of the search query 
keywords with the bidding keywords5: 
 
 broad match: this produces a match if the search query at least contains one 

of the words in the bidding keyword, or even a synonym or any spelling 
variation. In a broad match one can add modifiers such as the plus sign, 
which denote that this word must be present in order to match. 

 phrase match: this results in a match if the search query at least contained 
the keyword as an exact phrase. This denoted by enclosing the keyword in a 
pair of quotation marks. 

 exact match: this is the most stringent mechanism as only an exact, literal 
match (with no less and no more keywords) will indicate a match. This is 
denoted by enclosing the keyword in a pair of square brackets. 

                                                        
1 http://www.comscore.com/Press_Events/Press_Releases/2011/6/comScore_Releases_May_ 
2011_U.S._Search_Engine_Rankings 
2 http://www.hitwise.com/uk/press-centre/press-releases/microsoft-bing-improves-uk-
search-market-share/ 
3 http://investor.google.com/financial/tables.html 
4 http://investor.google.com/earnings/2011/Q1_google_earnings.html 
5 http://support.google.com/adwords/bin/answer.py?hl=en&answer=6100 
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 negative match: this allows for certain words in the bidding keyword to act as 
an excluder, i.e. if the search query contains that particular word overrule 
any other matching criteria and effectively indicate a failing match. 

  
When a user clicks through to the displayed advertisement, the advertiser is 
charged a fee which is 1 cent more than the next highest bid down the bidding 
chain; this price model is called cost-per-click (CPC)6.  The number of times that 
someone clicks on an ad divided by the number of impressions of this ad is called 
the Click-Through-Ratio (CTR)7. Another important metric of Google AdWords is 
the Conversion Ratio (CR)8, where a conversion is the industry term for a click 
that results in an action that the website owner aims for, such as the purchase of 
an item, the registration of account details etc. The conversion rate then is the 
number of conversions divided by the number of clicks.  
 
Google AdWords facilitates several levels of grouping in a hierarchical manner, 
so that various defaults, settings and rules may apply on all members of a group. 
The hierarchy is as follows: 
 

 
 

Figure 19 Hierarchy of a Google Adwords account. A company’s account can hold 
several campaigns. 

 
Finally Google AdWords also makes several regional targeting options available 
to its user (such as allowing to match more strongly on local queries, for instance 
based on language)10. Although the author recognizes these mechanisms as 
powerful tools and they have a potential impact, they are not taken into account 
in this paper. 
 

1.1.2 Long-tail keywords 

Various studies concluded that the most popular online search queries often 
were comprised out of short, core phrases of on average between 2 to 3 words 
[1][2], although this average is dependent on the goal of the search query and 
the category of information that is requested[3]. One of the industry leading 
                                                        
6 http://support.google.com/adwords/bin/answer.py?hl=en&answer=2464960 
7 http://support.google.com/adwords/bin/answer.py?hl=en&answer=107955 
8 http://support.google.com/adwords/bin/answer.py?hl=en&answer=146654 
9 http://support.google.com/adwords/bin/answer.py?hl=en&answer=1704396 
10 http://support.google.com/adwords/bin/answer.py?hl=en&answer=1722038 
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Internet statistics companies HitWise confirms these numbers and shows the 
following distribution of keyword length based on a very large sample of 
internet search data11: 

 

 
 

Figure 211 The average number of words that make up a search phrase is 2.5. 
 
So this means that the division between the short-tail (most popular) and the 
long-tail (less popular) shows a very strong correlation with the number of 
words used in a search query. When Phan et al (2007)[4] conclude that the 
number of words used in a search query is related to the specificity of that 
search query; they base themselves on a concept that was elaborated on by 
Ingwersen and Järvelin (2005)[5]. They propose that one dimension of an 
information request is the specificity, i.e. “generic” versus “specific”, which 
Ramirez et al[6] labeled “broad” and “narrow” respectively. This is reflected in 
the practical categorization as used in the industry of search engine marketing, 
by which search engine keywords (and bidding keywords as well) are commonly 
divided into two groups12: 
 
1. Short-tail or broad keywords: keywords that are usually short, generic 

phrases relating to a somewhat higher-level subject or a product category, for 
example “shoes” or “flower delivery”. As stipulated before, the majority of 
web users utilize these shorter phrases and therefore the majority of 
websites advertise with these. This means that there is a high demand for 
such short-tail keywords and, given a certain bid, a lesser chance you will get 
a click-through due to the high level of competition. 
 

2. Long-tail or specific keywords: keywords that are usually longer, more 
specific phrases relating to specific subject or product, for example “Nike 
men’s white training shoes” or “flower delivery roses wedding”. Less people 
search for them but the long-tail effect13 stipulates that if one combines 

                                                        
11 http://www.hitwise.com/ca/press-center/press-releases/2009/google-searches-jan-09/ 
12 http://support.realtor.com/featured-website/seo/understanding-keywords/menu-id-98 
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ample long-tail keywords, the accumulated volume is significant indeed. 
Furthermore, less advertisers use them thus increasing the chance that this 
keyword will result in a click-through due to the lack of competition.  

 

1.1.3 Why long-tail 

1.1.3.1 Search volume 
Long-tail searches and bidding keywords accumulatively account for a 
significant search volume. While long-tail keywords may be individually 
insignificant, a Google AdWords campaign with hundreds or thousands of long-
tail keywords can be a serious source of additional traffic. Next to the famous 
research published by Anderson13 which contained strong evidence to support 
his theory, many real-life examples such as Naruto Wallpaper 14 , Trada 
Marketplace15 and Occam ’s Razor Blog16 illustrate this.  

1.1.3.2 Click-through rate (CTR) 
A commonly held belief among search marketers is that the click-through rate is 
higher for long-tail keywords, as long as the advertisements are relevant to the 
search query13. Their reasoning being as follows: 
 
1. Long-tail keywords have less competition as was demonstrated by the fact 

that the average short-tail search query length is only between 2 and 3 
words, so there is a higher chance someone will click your ad. 

2. Long-tail keywords are more specific in their requirements[4], so the 
campaign administrator can write a more targeted and relevant ad to 
encourage the searcher to click17. 

 
The two points more or less represent the same effect but each from a different 
angle. The first point is more of a statistical one. Let’s assume a given bidding 
keyword consists of 6 words and for now let’s assume that a bidding keyword 
matches a search keyword without regard to the order in which the words make 
up the keyword. The chance that a user exactly types these 6 words is of course 
much smaller than a user typing exactly 2 words. In the English language there 
are arguably roughly about 200,000 different words, excluding obsolete and 
derived words18. Of these about 90% are regular words (i.e. no suffixes etc.), 
leaving us with an approximate 180,000 words. So the chance for someone to 
exactly come up with r words (which for reasonability need to be different from 
each other) in any order is:  
 

                                                        
13 http://www.wired.com/wired/archive/12.10/tail.html 
14 http://www.marketinghub.info/long-tail-versus-short-tail-keywords/ 
15 http://www.trada.com/blog/why-the-long-tail-is-worth-the-effort-2/ 
16 http://googleblog.blogspot.com/2009/12/top-ten-ways-to-get-your-business-
ready.html#!/2009/12/top-ten-ways-to-get-your-business-ready.html 
17 http://knol.google.com/k/anonymous/face-fewer-competitors-by-taking/3vqghgvfuiamv/1# 
18 http://oxforddictionaries.com/words/how-many-words-are-there-in-the-english-language 
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where n = 180000. With 2 words, r = 2, this leads to              . With 6 
words, r = 6, this leads to                                  . Both are 
mind-bogglingly small, but the second chance is 2915773206389923000 times 
smaller. In other words, the chance that a competitor has the exact same 
keyword gets increasingly smaller, much smaller, with every increase in word 
length. 
 
With regards to the second point, there are a number of commercially driven 
studies undertaken that highlight the importance of using long-tail keywords. 
Refined Labs and Google performed a study in which they analyzed 350,000 
search queries.19 The observed that users actually move into the long-tail during 
their search process. Often they start out with entering one or two broad, generic 
keywords, and when the returned results are not specific enough, they will add 
more words to make their search query more specific and consequently their 
search query results as well. This is also supported by Wildermuth[7] who 
notices the pattern in which searchers in digital information systems typically 
start out with one keyword and then, after inspection of the search results, 
gradually add more terms in order to narrow down the results set.  Many 
companies that specialize in search engine marketing, including ClickValue 
recognize this and use the long-tail effect to their advantage. 
 
The previously mentioned study by Google and Refined Labs concludes that the 
longer and more specific the search terms (keywords), the higher the click-through 
and conversion rates.  

1.1.3.3 Cost-per click (CPC) 
Mitchell formulates that the CPC does decrease slightly with word length, which 
coincides with figure 2 and the fact that the average word length of a search 
keyword is about 2.5. This is also the conclusion of Bartz et al (2006)[8]. This 
suggests that the more words (i.e. the further one moves into the long-tail) the 
cheaper the CPC. Porter et al (2007) approach this from another angle and 
conclude from their sample data that since the keywords that get searched for 
the most are logically the most in demand, and as the actual price paid depends 
on the bid of the next highest bid, the price is indeed driven up for popular 
words[9]. Ranking depends on CPC and CTR, and long-tail keywords apparently 
have a higher CTR and a slightly lower CPC, one can easily deduce that the same 
CPC for a long-tail keyword results in a higher ranking than for a short-tail 
keyword. The opposite reasoning, being that the same ad ranking can be 
achieved by a lower price, also rings true. 
 

                                                        
19 http://www.refinedlabs.com/site-data/case-study-longtail_en.pdf 
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1.2 Problem statement  
Since long-tail potentially yields both a higher CTR and a lower CPC, it makes 
sense to use a large number of long-tail keywords. Given the labor intensiveness 
of conjuring up a large number of long-tail keywords, advertisers tend to bid for 
a small number of expensive short-tail keywords. An automated system that 
would generate long-tail suggestions based on an initial set of words would 
overcome this. Search marketing firms need to generate hundreds or thousands 
of keywords for each of their clients. Clearly, it is important to be able to 
generate these keywords automatically.   
 

1.3 Research question  
To solve the above problem this paper proposes a new SEA keyword generation 
method that can effectively expand a set of initial words according to a certain 
expansion algorithm and optimize the thus generated candidate bidding 
keywords by filtering out the expensive short-tail words, and furthermore 
provide an indicator of the CTR, allowing to select those keywords that bring the 
most economic benefits. Following this objective, the main question that drives 
this research is formulated as follows: 
 

How to generate a superior set of long-tail keywords from a set of initial 
words which can draw traffic to the website? 

 
The derived sub-questions from the main question are: 
 

1. How to generate ample relevant candidate keywords based on the 
original set of words? 

2. How to filter out the more expensive short-tail keywords? 
3. What are the criteria to determine whether it is superior?  

 

1.4 Route map 
The following chapter is entitled Literature Review & Research and encompasses 
the literature review as well as an analysis of some of ClickValue’s data sets. The 
chapter focuses on reviewing relevant papers and collecting substance on which 
to base both a solution to the problem statement and a means to evaluate the 
solution. After this chapter follows chapter 3 in which the author presents the 
results of investigating real Google AdWords’ data as provided by ClickValue. The 
next chapter presents the approach used in crafting a solution and elaborates on 
the carefully scoped setting. It does so by detailing the various sequential steps 
involved in the approach and presents the reader with a formal description of 
this approach. It concludes with a brief description of the application that 
implements the chosen approach. After which the Experiment chapter will 
provide insight into the experiment design and conduction to obtain results from 
this application. Then the next chapter, Evaluation, will evaluate the results by 
comparing them against data from ClickValue. Finally, the last chapter will 
present the author’s conclusions of the results and will close with thoughts on 
future research.  
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2. LITERATURE REVIEW & RESEARCH 

2.1 Keyword generation 
The area of keyword generation as related to the Internet domain is relatively 
new. A considerable amount of research has been done in the field of query 
expansion, which lies in the domain of Information Retrieval (IR). This has 
traditionally been targeted at automatically adding new keywords to an 
information query while retrieving data from any digital source (e.g. digital 
libraries, relational databases etc.). But with the strong economic impact of 
search engine advertising, apparently a shift towards the World Wide Web has 
taken place in the research community.  
 
Various techniques are applied for keyword generation (also called query 
expansion) but in general these can be categorized into two types. The first one 
scans (also called mines) any document that contains the initial words. These are 
mostly the search engine’s query logs or nearby words in the actual search 
results (also called proximity searches)[10]. These techniques are fine-tuned by 
regarding more and more parameters in their attempt to establish the strongest 
correlation between the original word and the suggested keyword. Bartz et al 
(2006)[8] for instance propose using the relationship between the mined query 
terms in the log and the clicked URL to suggest new keywords. Another method 
is to scan the meta-tags of found websites as well, used by well-known tools such 
as WordTracker20. Websites usually include the most relevant keywords in their 
meta-tags. 
 
The second category takes semantic similarity of words into account. Joshi and 
Motwani[11] created a concept ‘TermsNet’ to produce less popular terms that 
would have been ignored by the methods mentioned above. They base 
themselves on the semantic relationship between the initial word and any found 
candidate suggestion. Kandola et al formulated two quite intricate methods to 
detect semantic similarity[12]. The work they published was greatly extended by 
Shami and Heilman (2005)[13]. Both use a mathematical framework that is 
based on the TF/IDF formula, which counts the frequency of occurrence a word 
in a document, but corrects for the bias of this word occurring frequently in the 
whole corpus (i.e. the collection of documents). The latter usually points to 
generic, common words[14]. Their framework generates vectors that prove 
themselves to be reliable indicators of semantic similarity. For instance 
synonymy occurs very frequently in their vectors. Other recently explored 
methods combine active learning methods with user feedback on semantic 
similarity[15]. In general, the IR community has been trying to expand queries 
with new keywords that are lexically and semantically related to the original 
search query words, as it understands that different users use different 
vocabularies[16]. These techniques are used at the core of many search engines 
nowadays, as they suggest their users synonyms as they type[17]. Another 
common problem that was recognized relatively early is that users make spelling 

                                                        
20http://www.wordtracker.com 
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mistakes[18] and use abbreviations[19][20], so these will also be used for 
keyword generation. 
 

2.2 How to create long-tail  
There is not much scientific literature at hand, at least not in the traditional 
academic sense, but most of the commercial white papers and online expert 
articles seem to agree on extending and modifying an original set of keywords. 
For instance: 
 
- creating synonyms21,22 (indeed a plethora of online synonym creation tools 

exist on the world wide web23,24) 
- plural versions of the original words25 
- combining derived words with original words26 
- combine only words from mutually exclusive semantic groups27 
- common misspellings28,29 (indeed a host of online ‘misspeller’ tools exists 

nowadays30) 
- adding adjectives to match a more narrow search31 
 
Note that some of the available online tools combine elements of the above32, but 
in all honesty, the author observed that most of the freeware tools leave a lot to 
be desired in quality.  A lot of advertisers use Google’s Keyword Tool, but this 
does not address all of the options above. 

2.2.1 Synonymy 
After comparing the methods above, and after studying some of ClickValue’s 
data, the author decided to use synonyms as a part of her approach. Because 
different people usually utilize different vocabularies, they will use different 
words in their search queries to retrieve the same information. This fact is so 
important and highly acknowledged by search engines that most of them, 
including Google, will return search results when the result page or document 
relates to the original search query only (partially) by synonymy33. In fact Google 
states that synonymy is at the core of their systems and a crucial contribution to 

                                                        
21 http://www.6tht.com/the-long-tail.html 
22 http://www.practicalecommerce.com/articles/573-Keyword-Research-Tools 
23 http://www.howrank.com/Keyword-Synonyms-Tool.php 
24 http://www.wordstream.com/keyword-generator-2 
25 http://www.webhostingmasters.com/seo/long-tail-keyword 
26 http://www.seoworks.com.au/02-seo-tips-ideas/three-steps-to-optimising-pages-for-long-
tail-keywords/ 
27 http://www.searchenginejournal.com/how-to-organize-your-keyword-modifiers-to-create-
long-tail-strategy/6526/ 
28 http://www.wordstream.com/meta-keyword 
29 http://www.nytimes.com/2004/01/28/technology/28SPEL.html 
30 http://www.goodkeywords.com/keyword-pad/ 
31 http://www.talkaboutcreative.com.au/blog/long-tail-keywords-quick-answer.aspx 
32 http://www.affiliatewatcher.com/free-keyword-tools-free-stuff-friday/ 
33 http://googleblog.blogspot.com/2010/01/helping-computers-understand-language.html 
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their success nowadays34. It is not hard to imagine why synonyms are a very 
powerful way to attract more traffic to one’s advertisement: some people might 
use the word “cheap” when looking for competitively prices products on the 
internet, whereas others might use “budget”, or “low-cost”.  That’s why the 
author chose synonymy to create the long-tail. 
 
With regards to the other methods, such as adding misspellings, adjectives, 
plurals etc., the author considers them as an optional plug-in for her application.  
 

2.3 Keyword selection 

2.3.1 Ad ranking 

The ranking determines on which page and on which position on this page the 
advertisement is placed. For instance an advertisement can be placed as the fifth 
advertisement from the top, on the right side of the second search engine result 
page. Lorigo et al (2008)[21] confirmed what other researchers have concluded 
consistently: in the majority of the cases the web users do not even navigate to 
the second result page and they scan only certain parts of a given results page, 
mostly at the top. Therefore the advertisement’s placement on the result page is 
of crucial importance in this age of digital information abundance. The search 
engine system calculates the quality score as a number between 1 and 10 on the 
basis of the following factors35: 
 
1. the historical click-through rate (CTR) of the keyword. 
2. the historical CTR of the URL used in the advertisement. The same metric as 

the previous one but now used for the displayed URL. 
3. the historical overall CTR: a measure of all historically achieved CTR, of all 

ads and keywords. 
4. the quality of the landing page: how relevant the landing page is in relation to 

the advertisement.  
5. the relevance of the keywords to the advertisement. 
6. the relevance of the keywords to the search query. 
7. the results of the campaign compared against other campaigns in the same 

geographical region. 
 

Note that these factors are measured via either the available historical data 
within the AdWords system (for instance in the case of CTRs) or other software 
such as the Google AdBot. The latter is an automated module that crawls the 
landing pages of Adwords campaigns and determines their quality by a number 
of factors including but not limited to the quality of pages linked to and from, the 
availability of an About Us page, a Contact Us page, not disabling the web 
browser’s back button and many more[22]. Finally note that the quality score is 
also used by Google to set the minimum bids for an advertiser's keywords36. 

                                                        
34 http://googleblog.blogspot.com/2008/07/technologies-behind-google-ranking.html 
35 http://support.google.com/adwords/bin/answer.py?hl=en&answer=2454010 
36 http://support.google.com/adwords/bin/answer.py?hl=en&answer=1722122 
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In order to select a promising set of keywords, we need to consider the ranking 
system that Google AdWords uses: AdRank. This system determines the rank of 
the displayed advertisement, i.e. on which position it will be displayed. Ideally, 
keywords would have a low cost-per-click (CPC) but still have a high rank. 
Google publishes the following simplified version of their ‘AdRank Formula’37: 
 

AdRank = maximum CPC x CTR 
 
which captures their commercial intent as this simple formula of course also 
describes their revenue: the maximum cost per click the advertiser is willing to 
pay multiplied with the number of times that this click actually occurs. Google 
would want to maximize the above equation and therefore ensure maximum 
income[8]. Note that most other commercial search engines who offer SEA now 
follow a similar, commercially oriented ranking method. 
 
From an advertiser’s perspective logic dictates that an advertiser seeks a high ad 
rank and therefore a high CTR, but a CPC that will not interfere with still making 
profit. Research confirmed that what intuition might already assume, being that 
the higher the demand for a keyword (i.e. the higher the search volume), the 
higher the CPC, albeit not a very steep correlation[23]. Although in general the 
higher the rank, the higher both CPC and CTR, literature suggests that the 
number one ad rank does not warrant the highest profit[24][25]. Additionally, as 
CTR is based on historically measured data, firms that achieved relatively high 
CTRs can suffice with relatively lower CPCs in order to maintain their current 
ranking[26]. Therefore one can conclude that achieving a high CTR is essential 
for any advertising agency, especially as one understands that a higher CTR leads 
to a higher ranking, but the reverse is also true: a higher ranking leads to a 
higher CTR[27].  
 
Conversion Rate would probably be the next important criterion an advertiser 
looks at, and thus poses itself as a serious candidate for consideration. However 
historical data of ClickValue’s campaigns plus conversations with some of 
ClickValue’s senior staff proved insight into how CR verges on the border of the 
scope. An SEA campaign can achieve very high CTRs, but if the quality of the 
landing page of the website leaves a lot to be desired, or the prices of the 
products or services are not competitive, the CR will still be poor. Therefore, the 
author decided to de-scope CR as it depends too much on the persuasion power 
of the landing page and not per se on the relevance of this page to the keywords 
that brought the user there. This leaves two metrics: CPC and CTR, of which the 
CPC can be estimated by Google’s Keyword Tool, which leaves the CTR to be 
determined or at least estimated. 
 

2.3.2 CTR 

One can imagine that for a given keyword, the CTR becomes more reliable as the 
period of measurement is longer and therefore the number of impressions 

                                                        
37 www.google.com/ads/transition.pdf 
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increases; thus eliminating any potential temporal effects. For instance 
advertisements that promote summer clothing will potentially have more clicks 
(but potentially also experience higher CPC) when the summer is approaching, 
but in general most advertisements do not suffer significantly from temporal or 
cyclic factors[28]. As with any average, the accuracy of the number greatly 
depends on the number of samples. In the case of CTR (clicks/impression), this 
means that the more impressions the better and therefore the longer running a 
campaign the better, implying that for new keywords it is impossible to produce 
a CTR and for keywords with very few impressions, the variance is simply too 
high[27][29]. 
 
When one has historical data available, either by a sponsor supplying such data 
or via institutional access to relevant data, one can scan this data for correlations 
with other keywords, with other metrics such as CPC, with demographics or any 
other factor that might be of particular interest. But when one is constrained to 
having no such data available, one needs to resort to academic research that did 
have data available and published its findings, hoping for proven and workable 
correlations to base an evaluation on. Recently the volume of academic research 
and relevant papers on the topic of SEA has seen some growth, albeit modest. 
The number of publications is relatively small compared to the numbers in other 
fields of science, as these fields are generally established much longer. A few 
noteworthy recent researches indicate the following: 
 
1. The inclusion of retailer names leads to an increase of CTR, as it satisfies 

navigational queries (see [30]), whereas the inclusion of brand names, which 
would satisfy transactional queries (again see [30]) sees a slight decrease of 
CTR[24][31]. 

2. Jansen et al (2005) indicate that users by and large prefer organic (regular, 
non-sponsored) search engine hits over the sponsored advertisements; 
however for both organic and sponsored links, the CTR is seemingly largely 
determined by, in descending order of importance:  

3. Summary (which equals the advertisement text for sponsored results), Title 
and URL[32], as these factors play a role both in deciding to click as well as 
not to click[33]. Not only can one assess whether the text of the summary, 
title or URL match the search query by matching individual words or 
semantically related words, but one can for instance also score the quality of 
the URL (e.g. is it an expensive, in-demand, usually shorter URL and therefore 
profitable or longer existing). Especially Hillard et al indicate that when there 
is no historical CTR data available one can base oneself on the relevance or 
semantic overlap of the display URL or ad title and keywords[34]. 

4. Demographics seem to play a role in CTR, especially gender (females appear 
to cause a higher CTR across all measurements), age (has a positive 
correlation to CTR) and marital status (singles count for a higher CTR)[35]. 

5. Research suggests that historical data that is available for other keywords 
has a relatively strong indication for keywords with semantic similarity 
[36][37]. One can calculate the semantic overlap between an original set of 
search keywords for which historical CTR data is available, and any other 
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give set of new keywords. Then, based on the semantic similarity of both sets 
make predictions of the CTR for the new keywords. 

6. Richardson et al indicate in their research that there is a positive correlation 
between the approximate frequency of a keywords occurring on the Web and 
the approximate frequency with which search engine users query for these, 
which in turn has a strong correlation with the CTR[29]. This was clearly 
demonstrated by Regelson et al (2006) as well[37]. 

 
So, items 1 and 2 should be taken into account when generating both initial and 
long-tail keywords. Retail names and relevant core terminology that also 
appears in the summary, title and URL can be added if not already present in the 
initial set. Any matching words or semantically similar words from the keywords 
on the one hand and the display URL, ad title or ad text on the other hand 
increase the CTR. Item 3 is considered too subjective to be part of this scope, as it 
would imply the existence of a meaningful metric of what keyword appeals how 
much to what gender etc. The fourth point is an interesting point, but would 
imply having access to AdWords campaign data of highly similar websites and 
their advertisement campaigns. This would greatly reduce the applicability of 
any keyword generation or evaluation method.  
 
The final point is a persuasive item: the number of search engine results (‘Google 
hits’) returned for a given term is positively related to the number of queries for 
this term (i.e. the popularity). This is in turn related to the CTR for this term. This 
would provide for an elegant method of estimating the CTR, which is easily 
implemented. After all, it is less labor-intensive to either programmatically or 
manually perform a Google search query than it is to open a Google AdWords 
account, set up a campaign, let it run for a certain amount of time and then write 
a software module that links to the Google AdWords API and extracts the CTRs 
for only those phrases that were implemented and actually shown or even 
clicked on. 
 
Regelson et al (2006) analyzed a relatively large set of search query data and 
observed the correlation between the CTR of a keyword and the search volume it 
represents. They used a metric that is called the relative CTR, which indicates the 
observed CTR as a percentage of the largest observed CTR. The term is very 
likely introduced first by Brooks (2004)38 and used by many domain experts (for 
instance in the fairly comprehensive and authoritative work of Jansen 
(2011)[37]). Brooks, Jansen and Regelson et al conclude that ranking matters, 
which coincides with Lorigo et al who conclude that users generally only scan 
the top area of a results page. But as it is generally impossible to predict which 
rank an advertisement will have, this does not provide for a researchable scope 
for now. When deliberately ignoring the rank, Richardson et al observe an 
interesting phenomenon, being that the first 5 deciles start with the highest CTR 
and see a remarkably steep decline, but after the 5th decile the CTR does not 
decrease anymore, it actually goes up slightly but steadily; see figure 3 below: 
 

                                                        
38 http://atlassolutions.com/wwdocs/user/atlassolutions/en-us/insights/RankReport.pdf 
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Search volume deciles 

 
Figure 3[29] The relative CTR (observed CTR relative to the highest encountered 
CTR) as plotted against the search volumes of the sample data grouped as deciles 
shows a steep declining curve for the top 40% search volume, but a steady incline 
for the less occurring phrases.   

 
Note that Richardson et al indicate that the percentile labels on the x-axis are in 
decreasing order, meaning that the first bucket represents the top 10% of the 
search volume, allowing to easily visually map the relative CTR data versus 
search volumes to keyword length (as portrayed in figure 2).  In other words, for 
the queries that make up more than 60% of all search volume, the CTR decreases 
with decreasing search volume. On the other hand, for the queries that make up 
the bottom 40%, the CTR slightly increases with decreasing search volume. If 
one regards the data from figure 2, one can clearly observe that the category of 
keywords with 1 to 3 words inclusive make up for about 65% of the search 
volume. In other words, it is observed that for the 1 to 3 word queries that form 
the short-tail, the CTR is highest but declines rapidly with decreasing frequency 
of occurrence. The keywords that form the long-tail on the other hand see a 
slight increase of the CTR as the keyword includes more words, i.e. becomes 
more specific. Which could coincide with all literature and industry research that 
has been presented thus far indicating that the more words present in a long-tail 
query, the higher the specificity and therefore the higher the CTR. But also the 
lower the chance this exact query has been performed frequently i.e. the lower 
the approximate frequency of occurrence is. Note that although the number of 
words has a very strong correlation with the specificity of the keyword, the 
author has observed that there are certain words that easily make a single word 
less popular, i.e. move it further into the long-tail. For instance if one adds a very 
specific product number, or adds a city name the specificity greatly increases. 
Depending on which paper or industry article one reads, or to which industry 
expert one listens, the threshold between short-tail and long-tail differs slightly. 
The principle, however, stays intact. 
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3. ANALYSIS OF REAL ADWORDS DATA 
In addition to the study of third-party research papers the author also conducted 
research on eight of the bigger campaigns as run by ClickValue. The Google 
AdWords data was downloaded into spreadsheets, providing the following set of 
data for each keyword: 
 
 status: indicating whether the keyword was still enabled or temporarily 

paused. 
 keyword: the keyword itself, including information on any broad or specific 

matching. 
 campaign: the Campaign the keyword is part of. 
 ad group: the Ad Group the keyword is part of. 
 status: more detailed status information pertaining to the keyword, group or 

campaign. For instance the status may indicate that the current bid is too low 
to allow for displaying on the first result page. 

 max CPC: the maximum CPC that the advertiser wishes to pay for an 
impression based on this keyword, i.e. the bid. 

 clicks: the number of times the advertisement was clicked on because of the 
keyword. 

 impressions: the number of times the advertisement was displayed because 
of the keyword. 

 CTR: the historical click-through rate for the keyword. 
 average CPC: the average cost-per-click that was actually paid for this 

keyword. 
 cost: the accumulated cost that was actually paid for this keyword. 
 average position: the average ad position or rank that was achieved because 

of the keyword. 
 conversion: the number of conversions for the keyword. Note that only one 

conversion per click is taken into account. Also note that if no software 
provisions are in place to report the conversion to the Google servers, this 
number is skewed. 

 cost per conversion: the accumulated cost divided by the number of 
conversions. 

 conversion rate: the number of conversions divided by the number of clicks 
for the keyword. The same remarks apply as for conversion itself. 

 
Then the following analysis was unleashed on each spreadsheet: 
 
- Sort the keywords from largest to smallest average CPC and scan the 

keywords for patterns. 
- Sort the keywords from smallest to largest average CPC and scan the 

keywords for patterns. 
- Filter out the keywords with less than 10 impressions (else the variance 

would be too high for the CTR to have any meaning) and sort the keywords 
from largest to smallest CTR and scan the keywords for patterns. 

- Calculate the product of CPC times CTR (which equates the simplified version 
of Google’s AdRank formula) for each keyword and sort per this product, 
from largest to smallest, and scan the keywords for patterns. 
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Various other analyses were performed but these fall outside of the scope of this 
paper. The following patterns clearly emerged in the top keywords (see table 1): 

 

Pattern Example 

including the retail name of the 
company 

“new york pizza” 

the use of synonyms “bezorging” and 
“bezorgservice” 

including the retail name of the 
biggest and most well-known 

competitor(s) 

“pizza hut” 

several common spelling 
variations (including the 

separation of compound words 
and pluralization) and 

misspellings of the most popular 
keywords 

“pizza” and “piza”, 
“pizzakoerier” and “pizza 

koerier” 

including product names “pizza mozzarella” 

add regional information for 
departments and franchises 

“new york pizza Amersfoort” 

common abbreviations “ny pizza” 
adjectives that arguably 

distinguish your product from 
mainstream or competitors 

“goedkoop” 

 
Table 1 Patterns observed in eighth of ClickValue’s bigger Google AdWords 
campaigns. 

 
Finally, for a few of the campaigns it was noted that ClickValue, for any 
combination of words, often creates the following three types of matching: broad 
match without modifiers, broad match with one or more plus signs and exact 
match. 
 
Conclusion: academic literature, non-academic sources on the internet and 
market practice as observed through analysis of ClickValue’s campaigns agree 
for a large extent on the various methods of creating and expanding a set of 
keywords. With regards to evaluation and any resulting filtering however, there 
is little available when there is no direct nor indirect (i.e. for semantically similar 
terms) historical data available. Therefore it has been decided to follow the path 
that both Richardson et al and Regelson et al have cleared and use the 
approximate frequency of occurrence of keywords on the web as an indication of 
the CTR. 
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4. APPROACH 

4.1 Scope limitation 
In order to manage the scope, especially in the light of the breadth and depth of 
the subject matter and the many perspectives found whilst preparing the 
literature selection, and to achieve maximum practicality, the approach and its 
implementing tool are deliberately limited per the following constraints: 
 
 The approach limits itself to English words only; no other languages are 

considered. 
 No initial phrases (as opposed to single initial words) are taken into account. 
 Keywords and queries and such are treated as globally valid; for instance 

there is no filtering done per region whilst querying on Google, nor are any of 
Google’s AdWords’ regional targeting options considered. 

 Both the number of allowed initial keywords and the number of generated 
synonyms and misspellings are limited for reasons of practicality (processing 
time for instance). 
 

4.2 Steps 
What became clear during the literature review but moreover during the 
browsing of many online articles, blogs, white papers etc. and research 
performed on ClickValue’s campaigns, there is a certain agreement on how to 
create the long-tail. The author has therefore devised the steps depicted in figure 
4 which will be explained in more detail in the following paragraphs. 
 

 
 
Figure 4 The LTGen tool follows a sequence of steps in order to create candidate 
keywords and finally filters out short-tail keywords, leaving the long-tail 
keywords as a result. 
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4.2.1 Create initial keywords 

Because an important role is assigned to synonymy, and synonyms are rarely 
used within one and the same long-tail phrase, it has been decided have semantic 
groups. In order to have the initial keywords automatically form a semantic 
group each, one would best refrain from entering synonyms at this stage. The 
task is to pick those keywords that describe the advertisement and therefore the 
purpose of the landing page best. These words are obviously most likely to be 
found in the title, summary or even URL of the ad. For instance a website that 
sells competitively priced holiday packages, where the means of transport is 
mostly by airplane, might regard the words “holiday”, “flight”, “cheap” as fitting 
these requirements. They are not semantically related, and they arguably 
describe some of the essential characteristic of the online company’s products 
and services. For practical reasons the number of initial words is limited to 25. 
Since the average web query length is between 2 and 3 words, and the category 
of queries with more than 8 words only accounts for about 3% of all queries, this 
is deemed more than enough. Phrases are rejected. 
 
Formalized this reads: 
 
W = { w1, w2, … wn } 
 
where, 
 
|W| = n and 0 < n ≤ 25 
 

4.2.2 Create synonyms 

In this paper the focus lies on creating long-tail by assuming that different people 
will use different words with the same semantic meaning (i.e. synonyms) in 
order to search for their target page or file[38]. Because of the stipulation that 
the initial keywords are the core keywords which should ideally not overlap in 
meaning, the approach entails finding synonyms for these initial keywords. 
Effectively, each keyword now expands to a group of semantically related 
keywords. There are a number of options available when one desires to create 
synonyms and online thesauri may strike the reader as the most logical solution. 
Therefore, for each initial word wi all synonyms si,1, si,2, … si,m. are retrieved from 
an online thesaurus. Where m is limited for practical reasons of processing time 
and average thesaurus length to 2000. A quick, manual experiment of entering 
20 arbitrary words yielded an average of about 23 synonyms per word and a 
maximum of 53, therefore the set limit is considered not to interfere with the 
reliability of the method. The maximum leaves ample room for spelling 
variations for instance. Synonyms that contain spaces (i.e. that can be considered 
as phrases) are enclosed in a pair of quotation marks. 
 
Formalized this reads: 
 
w1 → S1 = { s1,1, s1,2, … s1,m  } 
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w2 → S2 = { s2,1, s2,2, … s2,m’} 

… 
 
where, 
 
|S1| = m and 0 ≤ m ≤ 2000 

|S2| = m’ and 0 ≤ m’ ≤ 2000 
… 
 
and so on until this results in the following interim total set of keywords, 
grouped in semantically related sub-sets: 
 
T = { w1, s1,1, s1,2, … s1,m  } ∪ { w2, s2,1, s2,2, … s2,m’ } ∪ … ∪ { wn, sn,1, sn,2, … sn,m’’ } 
 
or  
 
T = { w1, S1 } ∪ { w2, S2 } ∪ … ∪ { wn, Sn } 
 
where 
 
0 ≤ n ≤ 25 
 

4.2.3 Add named entities 

As demonstrated in the literature review section and presented very clearly in 
the analysis of ClickValue’s campaign data, long-tail keywords are usually 
expanded by adding very precise target words such as product names, brick-
and-mortar shop locations etc. Furthermore, advertisers hold additional 
techniques in their arsenal, such as adding the retail name of their biggest 
competitor, or their URL. These words generally don’t have synonyms; e.g. 
product number ‘ABC123’ will not usually have a synonym (at least not one in 
the traditional sense that could be searched for in a thesaurus), nor will have a 
retailer’s trading name or legal entity’s name have a synonym. Most of these 
keywords will most likely be semantically exclusive (for instance a shop location 
name and a product code), but not all of them. For example: two product codes 
might both point to a similar product such as a microwave. Or: two city names 
both add geographical information. The point is that when generating the actual 
long-tail phrases, the entries of the aforementioned groups or categories (each 
initiated by an initial keyword) will be combined in such a way that no entry will 
appear with a member of its own group. If one wishes to have named entities to 
appear together in a long-tail phrase, they can therefore not be part of the same 
semantic group. It stands to reason that one wants to have both the competitor’s 
retail name and any location name of proprietary shops combined in one long-
tail phrase and they should therefore each be a member of their own group. 
 
Formalized this reads: 
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This may result in more members in any of the Sn sets and/or more Sn sets in a 
similar fashion to the previous step. The maximum number of thus created 
semantic groups shall not exceed 25 and the maximum number of members of 
each semantic group shall not exceed 2000. 
 
{ w1, S1 } → P1 = { p1,1, p1,2, … p1,q  } 

{ w2, S2 } → P2 = { p2,1, p2,2, … p2,q’  } 
… 
 
and 
 
Po =  { po,1, po,2, … po,q’’  } 

Po+1 =  { po+1,1, po+1,2, … po,q’’’  } 
… 
Po+r =  { po+r,1, po+r,2, … po,q’’’’  } 
 
where, 
 
|P1| = q and 0 ≤ (q + m) ≤ 2000 

|P2| = q’ and 0 ≤ (q’ + m’) ≤ 2000 
… 
|Po| = q’’ and 0 ≤ q’’ ≤ 2000 

|Po+1| = q’’’ and 0 ≤ q’’’ ≤ 2000 
… 
|Po+r| = q’’’’ and 0 ≤ q’’’’ ≤ 2000 
 
and 
 
o = n +1 and (o + r) ≤ 25 

 
and so on until this results in the following interim total set of keywords, 
grouped in semantically related sub-sets: 
 
T = { w1, s1,1, s1,2, … s1,m , p1,1, p1,2, … p1,q  } ∪ { w2, s2,1, s2,2, … s2,m’, p2,1, p2,2, … 

p2,q’} ∪ … ∪ { wn, sn,1, sn,2, … sn,m’’ , pn,1, pn,2, … pn,q’’ } ∪ {po,1, po,2, … po,q’’ } ∪ 

{ po+1,1, po+1,2, … po,q’’’  } ∪ { po+r,1, po+r,2, … po,q’’’’  } 
 
or  
 
T = { w1, S1 , P1 } ∪ { w2, S2 , P2 } ∪ … ∪ { wn, Sn , Pn } ∪ Po ∪ Po+1 ∪ … ∪Po+r 
 

4.2.4 Add spelling variations 

Apparent in both the study of ClickValue’s data and academic papers became the 
use of abbreviations. The most outstanding example would be “ny pizza” instead 
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of the fully spelled out “new york pizza”. As the abbreviation carries the same 
meaning as the original word, it will be part of that word’s semantic group.  
 
Also noted during the literature review process, but all the more during the 
analysis of ClickValue’s campaign data as well as made clear in many online 
articles and subject matter blogs on the ‘ticks of the trade’ is that people 
sometimes make spelling mistakes. These can arise both because of the lay-out of 
the computer keyboard (because of our scope limitation pertaining to only 
regarding the English language, we assume the QWERTY lay-out) as well as 
common genuine erroneous spellings. An example of the former could be typing 
“keuboard” instead of the intended “keyboard”; sometimes a nearby key is 
pressed rather than the intended one. Or, sometimes two keystrokes are 
accidently reversed in order, leading to instances of typing “teh” instead of “the”. 
An example of the latter could be “choise” instead of “choice”. It is no coincidence 
that the most prevailing occurrences of such misspellings are automatically 
corrected by famous text editors such as Microsoft Word. As these variations, 
even though spelled incorrectly in the case of misspellings (and sometimes 
abbreviations are not official as well), obviously are meant to carry the correct 
linguistic meaning, they will be part of the semantically related group or 
category they belong to. This means that both a popular product name can have a 
misspelling, or a shop location name, as well as an initial keyword or one or 
more of its synonyms. The same applies for the singular versus plural spelling of 
words. One might search for “pizza” as well as “pizzas”. 
 
Formalized this reads: 
 
For each semantic sub-set (i.e. { wn, Sn,, Pn} and Po) add spelling variations, 
including misspellings and abbreviations, where the sum of the spelling 
variations, the synonyms already created and any named entities in a semantic 
sub-set shall not exceed 2000: 
 
{ w1, S1, P1} → V1 = { v1,1, v1,2, … v1,q  } 

{ w2, S2, P2} → V2 = { v2,1, v2,2, … v2,t’  } 
… 
 
where, 
 
|V1| = t and (t+ q + m)  ≤ 2000 

|V2| = t’ and (t’ + q’ + m’)  ≤ 2000 
… 
 
and  
 
Po → Vo = { vo,1, vo,2, … vo,t’’  } 

Po+1 → Vo+1 = { vo+1,1, vo+1,2, … vo+1,t’’  } 
… 
 
where,  



Jie Luo - Master Thesis 

      

 

 25 

 
|Po| = t’’ and t’’  ≤ 2000 

|Po+1| = t’’’ and t’’’  ≤ 2000 
 
and so on until this results in the following interim total set of keywords, 
grouped in semantically related sub-sets: 
 
T = { w1, s1,1, s1,2, … s1,m , , p1,1, p1,2, … p1,q, v1,1, v1,2, … v1,t  } ∪ { w2, s2,1, s2,2, … s2,m’

, p1,1, p1,2, … p1,q’, v2,1, v2,2, … v2,t’} ∪ … ∪ { wn, sn,1, sn,2, … sn,m’’ , p1,1, p1,2, … p1,q’’, 

vn,1, vn,2, … vn,t’’ } ∪ {po,1, po,2, … po,q’’’,  vo,1, vo,2, … vo,t’’’  } ∪ { po+1,1, po+1,2, … 

po+1,q’’’’, vo+1,1, vo+1,2, … vo,t’’  } ∪ … ∪ { po+r,1, po+r,2, … po+r,q’’’’  } 

 
or  
 
T = { w1, S1 , P1 ,V1 } ∪ { w2, S2 , P2 ,V2 } ∪ … ∪ { wn, Sn , Pn ,Vn } ∪ {Po, Vo }∪ {Po+1 

, Vo+1 } ∪ … ∪{ Po+r, Vo+r } 
 
The sub-sets shall be assigned for simplicity’s sake to a new variable G (for 
group): 
 
G1 = { w1, S1, P1 , V1 } 
G2 = { w2, S2, P2, V2  } 
… 
Gn = { wn, Sn, Pn , Vn } 
Go+1 = { Po, Vo } 
… 
Go+r = { Po+r, Vo+r } 
 

4.2.5 Human pre-filter 

To allow maximum flexibility, human intervention is now allowed at this stage. 
This means that the human operator of the method’s implementation is now 
empowered to filter out any unwanted synonyms, misspellings, abbreviations or 
even a whole semantic group. He can do so by marking items or groups as 
disabled. Allow for disabling of either individual elements in sub-sets S, V and P 
or complete groups G. 
 

4.2.6 Create long-tail 

After the previous steps, every possible combination of entries in a semantic 
group with entries of the other semantic groups is created. This is done in such a 
manner that no entry appears in a combination with another entry of its own 
semantic group. So, effectively, take one item out of semantic group A (which can 
be an initial word, one of its synonyms, one of its spelling variations, or 
alternatively a named entity), combine it with one item out of group B, and so on 
until all items have been used in every possible combination. The only constraint 
is that –since we ignore word order- the groups are picked from in the order that 
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they were created. So group A is always picked first from, then group B etc. As 
previously mentioned, for evaluation purposes only the broad matching 
algorithm shall be regarded; but in order to maximize the usefulness of the 
approach for ClickValue the broad matching with plus sign modifiers and exact 
match long-tail keywords shall be generated as well.  
 
The previous two steps may be repeated in order to create a maximum number 
of combinations using different combinations of groups and/or words each time. 
 
Formalized this reads: 
 
Create the long-tail by creating the Cartesian product of all groups G: 

 
LT = G1   G2    …    Gn   Go   Go+1   …   Go+r 
 
where 
 
|LT| = o + r and o + r =|G1|   |G2|    …    |Gn|   |Go|   |Go+1|  …   |Go+r| 
 
Where disabled items and groups are not regarded, but alas the formal notation 
will not aid to visualize this in a simple manner. For the sake of simplicity this 
formal description shall assume no items are disabled. 
 

4.2.7 Eliminate short-tail 

As mentioned earlier on, the principle working of the long-tail effect is widely 
recognized, however each expert or company has slightly varying methods of 
determining what falls into the short-tail and what falls into the long-tail. After 
an interview with ClickValue’s senior subject matter expert their approach was 
revealed. ClickValue issues the keyword as a Google exact, phrase search (i.e. 
enclosed by a single quotation marks pair) and retrieves the number of results. 
For each domain ClickValue has a specific threshold (for the travel agency 
domain this number is 50,000). Any number of Google ‘hits’ above the threshold 
is regarded as popular or in other words short-tail, unless the keyword 
comprises 3 or more words, then it’s regarded as long-tail because of its 
specificity.  
 
Formalized this reads: 
 
Issue each long-tail keyword li ∈ LT as an exact, phrase web query on Google 
and obtain the returned corresponding approximate frequency of occurrence. 

 
AFexact = { AFexact1, AFexact2, … AFexacto+r } 
 
where, 
 
|AFexact| = |LT| 
 
and 
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AFexacti= GNR(LTi) 
 
where, 

 
GNR(x, “exact”) = function that retrieves Google’s number of results for x as an 
exact phrase. 
 
STi = (AFexacti   50000) AND NRW(LTi ) < 3 
 
where, 

 
NRW(x) = function that counts the number of words in keyword x. 
 

4.3 Implementation 
The author designed and implemented a system called LTGen that implements 
all the steps of the approach described above and thus makes the process of 
generating long-tail keywords easy and efficient, with the purpose of assisting 
companies such as ClickValue in attracting more traffic to their websites. The 
main part application has been written in Microsoft Excel’s Visual Basic for 
Application (VBA) environment, because of its ease of accessibility, powerful 
integration, host of Microsoft .NET objects to facilitate retrieving webpages and 
such, and last but not least, because of the free Graphical User Interface (GUI). 
The part that retrieves the number of Google ‘hits’ was written in Java, as this 
proved to be a lot quicker. 
 
In line with the approach, it allows the operator to perform the following steps: 
 
 Enter initial words: in a special designated area the user can type separate 

words, one per line. In line with the approach it expects a series of strong, 
characteristic initial words that describe the contents of the ad and landing 
page best. The initial words would best be semantically mutually exclusive 
and preferably given in the order of perceived relevance.  See Figure 5 for an 
example of the input area. 
 
 

 
 

Figure 5  The section of LTGen where the user can input initial words. 
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 Create  synonyms: academic papers often use in-house systems or sometimes 
WordNet. However after careful consideration of the number of synonyms 
returned, the ease of use and the various other factors, the author has 
decided to use the well-respected Thesaurus.com. LTGen connects to 
thesaurus.com and for each initial word retrieves all the synonyms. Each 
initial keyword spawns a semantic group, each contained in one column. See 
Figure 6 for clarification. 
 
 

 
 

Figure 6 An example of LTGen in use: synonyms have been created and some of 
them are selected for use to either create misspelling or form the candidate long-
tail keywords. 

 
 Enter named entities: in either an existing semantic group (column) or a new 

group (column) the user is allowed to enter named entities such as city 
names, product codes etc. 

 Create misspellings: after thorough research the author found a very flexible 
online ‘misspeller’ tool: the SEO Book Keyword Type Generator39. The 
module allows itself to be connected to programmatically relatively easy by 
means of Excel’s intuitive HTML page objects. It is remarkably flexible indeed 
as it allows for any combination of the following options: 
 
- skip letters: this simulates a user accidently missing one keystroke while 
typing a word on the keyboard. For instance “tst” instead of “test”. 
- double letters: this simulates a user erroneously entering one character 
twice rather than once. For instance “test” instead of “tesst”. 
- reverse letters: this simulates a user per accident reversing the order of 
two keystrokes. For example “tset” instead of “test”. 
- skip spaces: this simulates a user forgetfully omitting a space character. 
For instance “testphrase” instead of “test phrase”. 
- missed key: this simulates a user accidently mistyping one character of 
the word, by replacing one of the characters by a surrounding one (assuming 
a QWERTY keyboard lay-out). It will do so for each surrounding key (up until 

                                                        
39 http://tools.seobook.com/spelling/keywords-typos.cgi 
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a maximum of 6) and for each character sequentially (in a left-to-right order). 
Therefore this will create a relatively large list of misspellings. For instance 
“rest” instead of “test”, “5est” instead of “test”, “6est” instead of “test” and so 
on, but also “twst” instead of “test”, “t3st” instead of “test” etc. 
- Inserted key: this simulates a user erroneously keying in an extra nearby 
key. It will do so by, sequentially for each character from left-to-right, both 
before and after the character, enter one of the maximum 6 surrounding 
characters. This will produce an even larger list. For example “rtest” instead 
of “test”, “trest” instead of “test”, “5test” instead of “test”, “t5est” instead of 
“test” etc., but also “twest” instead of “test”, “tewst” instead of “test” and so 
on.  
 
Some of the options might yield double results, and the author noticed that 
sometimes the module filters them out and sometimes not, without a 
discernable pattern. It does filter double results out more often than not, so it 
is not regarded as a problem. After some brief research on common typing 
errors[39] the author decided to allow the user to set these options 
individually to provide maximum flexibility. See Appendix B for clarification. 

 enter misspellings: the user can manually add any misspellings according to 
his own insight in each of the semantic groups. 

 enter abbreviations: the user is allowed, within each of the semantic groups, 
to add abbreviations of his own. 

 disable or enable individual words in groups or complete groups: by default 
everything is enabled, but the user can disable at will. This might prove 
valuable if the user does not wish to include all of the synonyms because he 
deems them inappropriate, or if the user disagrees with some of the created 
spelling mistakes. Disabling or enabling might prove useful if the user wishes 
to create several runs of long-tail keywords, combining several different 
groups each time. See Appendix B for clarification. 

 create long-tail: at this stage the system will regard all enabled groups and all 
enabled words in them and provide the Cartesian product in a left-to-right 
manner and place the resulting list of keywords in a separate designated 
area, from which it can easily be copied for pasting in another application 
(such as Google AdWords) using the Microsoft clipboard functionality. The 
actual long-tail creation process is implemented by repeatedly traversing the 
groups and keywords in these groups in the order they were entered and 
created. Each time picking the next selected synonym in next semantic group 
by means of a recursive procedure, which terminates its current instance 
when the currently targeted keyword has been processed in the last 
(rightmost) group. 

 create scores: any produced long-tail keyword in the relevant  section and 
placed there as such shall be executed as a web query using Google. This shall 
be done in both an exact match and a broad match, for filtering out the short-
tail keywords and providing a potential indicator of CTR respectively. 

 
See appendix A and appendix B for the VBA and Java code respectively. 
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5. EXPERIMENT 

5.1 Experimental design 
The purpose of the experiment is to evaluate the author’s set of generated long-
tail keywords and compare it with the set as generated by ClickValue. In order to 
make the evaluation and comparison meaningful, one should take the same 
source for both processes, i.e. use the same set of initial words. As this paper 
concerns itself with long-tail keywords, it makes sense to choose a set of 
ClickValue keywords that is already categorized as such. There might however 
still be short-tail keywords in the chosen ClickValue set; after all for a large set of 
keywords one needs to manually check the approximate frequency of occurrence 
against the threshold and one might forget to do this as it’s a cumbersome task. 
 
The experiment and evaluation can be visualized as follows: 

 
 

Figure 7 The same initial words form the input for LTGen and ClickValue’s 
proprietary process. The metrics that are calculated on the results of both will 
form the basis for the evaluation. 

 
Note that in order to focus on one parameter, the experiment shall not include 
any spelling variations such as misspellings and pluralizations.  
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5.2 Experiment implementation 

5.2.1 Campaign chosen 

Apparently a few business categories dominate the English speaking 
internet40,41,42. Although there is no standardized set of categories in this 
anecdotal evidence, it is still possible to deduce a few common categories such as 
consumer electronics, office supplies, holiday travel etc. The author chose the 
category of online holiday travel agents, as ClickValue runs campaigns for several 
such clients, and it provides a good representation of the way ClickValue 
generally operates. Furthermore ClickValue expressed their wish to operate in 
this domain. Finally, as the author noted that the number of initial keywords 
excluding any named entities was relatively small, it would be more difficult to 
compete with ClickValue as both sets would rely heavily on the same set of 
named entities. 
 
The author chose a currently running and successful campaign, which for this 
client happened to be a specific long-tail campaign. This campaign contains a 
large number of groups, containing the same data except for each group adding a 
different named entity (a geographical word such as a city name in this case). 
This allowed the author to randomly choose 5 groups headed up by the 5 named 
entities as mentioned in 5.2.3. 
 

5.2.2 Initial keywords chosen 

The following initial words were found and confirmed by ClickValue, see table 2. 
As the campaign is in Dutch, ClickValue and the author choose for a careful 
translation of these words, again see table 2: 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

                                                        
40 http://www.marketingcharts.com/direct/top-10-online-retail-categories-by-order-size-
march-2010-12798/ 
41 http://www.practicalecommerce.com/articles/1074-Chart-of-the-Week-Top-Online-Retail-
Categories-for-March-2009 
42 http://www.internetretailer.com/top500/list/ 
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Dutch English 

appartement  apartment 
appartementen apartments 

chalet chalet 
chalets chalets 

gite gite 
gites gites 

huisje house 

huren rent 
vakantie vacation 

vakantiehuis vacation house 
vakantiehuizen vacation houses 

vakantieverblijf vacation stay 
vakantieverblijven vacation stay 

 
Table 2 The initial keywords chosen as input for both LTGen as well as ClickValue 
and their translation into the English language. 

 
This posed a small problem, as in the Dutch language compound words are 
usually concatenated into one word, whereas the English language grammar 
dictates the compounds should be written separately. E.g. ‘vakantiehuis’ versus 
‘vacation house’. Luckily the word ‘house’ was present separately already.  
 

5.2.3 Initial named entities chosen 

Furthermore, the following geographical words were extracted: 
 
 Etel 
 L'Alpe d'Huez 
 Aucaleuc 
 Merkwiller-Pechelbronn 
 Bedoin 
 
Which are obviously French geographical words without the French language‘s 
diacritical marks.  
 
These two sets of words (initial keywords and initial named entities) were the 
initial words ClickValue based their long-tail keywords on. In order to conduct a 
proper experiment, these two sets constituted the input for LTGen, the author 
added no words to stimulate the success of LTGen. 
 

5.2.4 ClickValue generated keywords 

For ClickValue, following their method, this resulted in 58 keywords. These are 
only the unique combinations encountered for broad matching. See Appendix C 
for the full list. 
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5.2.5 LTGen generated keywords 

Taken the same original initial keywords, LTGen produced the following 
synonyms, see table 3. The author selected only the synonyms that she deemed 
most appropriate, see the column Selected in table 3: 
 
Initial word Synonyms Selected 

vacation R and R, break, breathing space, day of rest, 
few days off, fiesta, furlough, holiday, 
intermission, layoff, leave, leave of absence, 
liberty, long weekend, recess, recreation, 
respite, rest, sabbatical, spell, time off 
two weeks with pay 

holiday, 
long weekend, 
 

apartment accommodation, cave, chambers, cold-water, 
condo, coop, cooperative, crash pad, den, digs, 
dump, flat, living quarters, lodging, pad, 
penthouse, rental, residence, suite 

accommodation, 
condo, flat, 
lodging, suite 

chalet cabin, house, hut Cabin 
gite   

house abode, apartment, box, building, bullpen, 
castle, cave, co-op, commorancy, condo, 
condominium, coop, crash pad, crib, 
cubbyhole, den, diggings, digs, domicile, dump, 
dwelling, edifice, flat, flophouse, habitation, 
hole in the wall, home, home plate, homestead, 
joint, kennel, layout, lean-to, mansion, pad, 
pied-à-terre, pigpen, pigsty, rack, residence,  
residency, roof, roost, setup, shack, shanty, turf 

condo, home, 
pied-à-terre 

rent rent, hire, lease, payment, rental lease, 
rental 

 
Table 3 The synonyms that LTGen generated out of the initial keywords and the 
final selection of synonyms. 

 
Following LTGen’s approach, the combination of the initial keywords, the initial 
named entities and the generated synonyms resulted in 1043 candidate 
keywords, see Appendix D. After the calculation of the approximate frequency of 
occurrence of the keywords as exact phrases and comparison against 
ClickValue’s threshold, 5 short-tail keywords were filtered out, leaving 1038 
long-tail keywords. This is roughly 20 times more than what ClickValue 
generated. Note that the appendix only lists the word combinations (i.e. the 
broad matching keyword without modifiers), but as stated before LTGen will 
provide two extra kinds of matching to enhance its usefulness to ClickValue. 
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6. EVALUATION 

6.1 Criteria  
The purpose of the evaluation is to find out which set of keywords is superior, 
the one generated by LTGen or the one generated by ClickValue? The evaluation  
shall lie in the comparison of the two sets according to the following criteria: 
 

1. Does either set have short-tail keywords? 
2. Does either set have keywords that the other does not have? 
3. Does one set have more long-tail keywords than the other? 
4. What are the approximate frequencies of occurrence for both sets? 

 
Given the criteria above, we postulate the following derived criteria to elect one 
set superior over the other:  
 
1. The set that has less short-tail keywords than the other (or none at all) is the 
superior one in that aspect.  
2. The set that has keywords that the other does not have, given that they are 
relevant due to the fact that they are synonyms, is the superior one in that 
aspect, under the condition that the next criterion is met as well.  
3. The set  that has more long-tail keywords than the other is the superior in that 
aspect.  
4. The set whose long-tail keywords have a distribution which lies in a lower 
approximate frequency of occurrence region is the superior one in that aspect.  
 
If a set fulfils all the four criteria above, it is the superior set most certainly. If a 
set wins according to one or more criteria and the sets equal on the other 
criteria, this set is the superior one as well. If one set scores on one or more 
criteria and the other set scores on one or more of the other criteria, the author 
shall use the following rules: the third point shall weigh most under the 
assumption that all generated long-tail keywords are relevant due to the 
synonymy. The second point shall only be taken into account if the relevant set 
also wins on the third point. The fourth point shall weigh least as this is merely 
an observed  correlation and not an established fact. In the event of one set 
scoring on the third and another set on at least two other points, or any other 
marginal circumstances (for instance a set scoring on the third point by 1 
keyword, but  the other set scoring highly on the fourth point), the author shall 
try to determine if one set is superior or equally good based on her own 
judgement of the parameters that present themselves. 
 

6.2 Preparation 
Both ClickValue's and LTGen’s approaches allow for the generation of various 
kinds of matching (broad, exact etc.), but of course given the same matching type 
the same keywords will yield the same frequency of occurrence. Therefore, only 
broad matching will be used to compare the two sets on the third point. 
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The candidate bidding keywords as generated by LTGen were already marked as 
either long-tail or short-tail and the short-tail keywords were filtered out as 
such. In order to evaluate both sets, the following actions were performed: 
 
1. In order to determine whether ClickValue’s set had any short-tail keywords, 

obtain the frequency of occurrence for the set whereby its keywords are 
issued as exact matching phrases; see Appendix C. 

2. For both sets count the number of long-tail keywords and determine if/which 
long-tail keywords from one occur in the other. 

3. For both sets issue their keywords as broad matching phrases and hereby 
obtain the approximate frequency of occurrence that serves as an indicator of 
the CTR. 

4. For both sets calculate the mean, minimum and maximum value and the 
standard deviation of the metrics mentioned in the previous point. 

  
As the individual frequencies of occurrence of each keyword are distributed 
along a numerical axis ranging from zero to whatever maximum that might be, 
the first logical way of looking at the data is probably to chart it as one would 
chart most distributions: as a histogram. This should visualize the distribution in 
a straight forward manner, providing a good overview of the distribution  of the 
frequency of occurrence. Furthermore, it might be meaningful to try and plot the 
data as a probability distribution. Hence the mean, min, max and standard 
deviation metrics are calculated. Another interesting means of representing the 
data would be to plot a graph where that shows the frequency of distribution as 
percentiles, in a fashion not unsimilar to the one that Richardson et al have done; 
but of course Richardson plotted the percentiles against the CTR, we can merely 
plot them against the observed frequency of occurrence. 
 

6.3 Results and Discussion 
The following table provides an overview of the metrics that describe the whole 
set rather than individual keywords: 
 

Metric LTGen ClickValue 

No. of keywords 1043 57 

No. of long-tail 1038 52 
No. of short-tail 0 (filtered 5) 5 

Perc. short-tail 0,5% (before 
filtering) 

8,7% 

No. of long-tail keywords covered from other set 100% 5% 

Approx. frequency of occurrence – mean* 3.52 81.76 
Approx. frequency of occurrence – max* 749 902 

Approx. frequency of occurrence – min* 0 0.034 
Approx. frequency of occurrence – std deviation* 30.75 236.11 

 
Table 4 Overview of metrics comparing the resulting keyword sets of both LTGen 
and ClickValue. Metrics denoted * are in millions. 
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In order to visualize the fact that LTGen created much more long-tail keywords 
than ClickValue, and even includes all of ClickValue’s long-tail keywords, and to 
illustrate that LTGen contained no short-tail keywords whereas ClickValue’s set 
still contained some, please regard the following figure: 
 

 
 

Figure 8 The relationship between the set of keywords generated by LTGen and 
the set as generated by ClickValue. LTGen produced substantially more keywords 
than ClickValue and did include all ClickValue’s keywords long-tail keywords. 
LTGen produced no short-tail whereas ClickValue did. 

 
The data shows a few striking results: 
 
 LTGen includes all long-tail keywords from ClickValue. 
 LTGen generated a lot of long-tail keywords that ClickValue missed (986 to 

be exact). The long-tail keywords generated by LTGen are based on 
synonyms of the initial keywords and every possible combination of them, 
which means ClickValue missed 986 keywords that are relevant and can 
bring profit. 

 LTGen by its approach filtered out all short-tail keywords, whereas 
ClickValue’s set still contained 5 short-tail keywords which have a high CPC, 
such as vacation, vacation house, apartment, etc. 
 

When one regards the mean of the approximate frequency of occurrence it 
appears that LTGen’s is much lower, which hints at a higher CTR for the whole 
set according to Richardson et al. Furthermore it might be clear for the observant 
reader that the statistical data produced for both LTGen and ClickValue do not 
even hint at a normal distribution. Indeed, when regarding the standard 
deviation, the mean, the maximum value and the minimum value one suspects 
heavy outliers. The author attempted to plot the probability density graphs for 
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both sets but they did not even resemble a bell curve. So in accordance with the 
experimental design the approximate frequency of occurrence (measured by 
issuing the keywords as Google queries to retrieve the number of results) was 
plotted against the deciles. The first bucket is the one that holds the range from 
90% to 100%. See figure 9 and figure 10 below: 
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Figure 9 The approximate frequencies of occurrence (search volume) in millions 
for LTGen’s generated set of long-tail keywords, plotted as deciles.  

 
Figure 9 gives no more information than that more than 90% of the generated 
keywords has a search volume somewhere above zero and below 750 million. 
Note that since the search volumes are in millions, it is very likely that the 
percentiles below 90% do have data points above 0 but that these are too small 
to stand out in this scale. 
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Figure 10 The approximate frequencies of occurrence (search volume) in millions 

for ClickValue’s generated set of keywords, plotted as deciles. 

 
Figure 10 gives slightly different information on the keywords generated by 
ClickValue, being that more than 90% of the generated keywords has a search 
volume somewhere between 300 and 900 million and that more than 80% of the 
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keywords have a search volume above 0 and below 900 million. With the same 
note about the scale and that therefore points that seem to lie on the 0 of the y-
axis might actually represent a higher value. 
 
All in all, both figures do not show much useful information, other than that for 
both sets the majority of the keywords seems to have a search volume above 
zero. One can also easily see that for LTGen the maximum search volume is 
indeed around 750 million and for ClickValue this is around 900 million. 
 
Finally the experimental design involved plotting the frequencies of occurrence 
as a histogram. See figure 11 and 12 below: 
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Figure 11 The approximate frequency of occurrence (‘search volume’) in millions 
of LTGen’s set of long-tail keywords plotted as a relative histogram. 

 
The histogram provides much more useful information. From figure 11 one can 
conclude that about 85% of the keywords generated by LTGen have a search 
volume between 25 and 50 million and about 9% even below 25 million. The 
remaining keywords seem to have search volumes mostly between 50 and 75 
million, except a few small, individual outliers. Note that according the 
evaluation criterion based on Richardson et al states that a lower search volume 
correlates to a higher CTR. 
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Figure 12 The approximate frequency of occurrence (‘search volume’) in millions 
of ClickValue’s set of keywords plotted as a relative histogram. 

 
From figure 12 one can see that the same majority of 85% falls between 25 and 
50 million as well. The remaining 15% however is scattered high above 50 
million with a noteworthy outlier between 650 and 675 million. This is less 
favorable as this correlates to a lower CTR. 
 
Given the evaluation criteria as presented in section 6.1 it appears that results of 
LTGen are superior on each of these criteria. Not only does it produce a much 
larger number of relevant long-tail keywords, including all those from 
ClickValue, and does it filter out all short-tail keywords, it furthermore produces 
mostly combinations that have a relatively lower approximate frequency of 
occurrence, indicating a higher CTR. A portion of the output falls into the below 
25 million bucket, which is even more favorable. Because both sets used in the 
experiment used the same named entities, it can be concluded that the use of the 
online thesaurus, the large number of combinations through recursion and the 
power of automation (to achieve all these results by hand would be quite a 
cumbersome task) clearly provide a favorable outcome for LTGen. Add to that 
the flexibility of adding spelling mistakes and pluralization, the fact that it 
produces both a broad match and an the fact that it outputs 3 types of matching 
for each long-tail keyword, as well as an indication of the CTR, and it would seem 
that LTGen would be a welcome addition to ClickValue. 
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7. CONCLUSION  

7.1 Reflection 
The process of writing this thesis has not been easy at the beginning. The author 
initially started off creating an approach, with the intention of evaluating the 
keywords by putting them online in a Google AdWords campaign. And after a 
certain amount of time, compare the results against a parallel running ClickValue 
campaign using metrics such as CTR, CR, CPC etc. These metrics were to be 
retrieved from the Google Keyword Tool at that moment. The author however 
thought she should determine whether the set of keywords she generated was 
superior to ClickValue’s before putting it online. This meant that a set of criteria 
must be devised to elect one set superior over the other, without having 
historical data available. One of these criteria became integral part of her 
approach: to determine whether a keyword is short-tail (and consequently filter 
it out). Hence the whole perspective needed change. 
 
The choice of a proper evaluation mechanism, and the metrics that go with it, 
was the most difficult one. When the author started to research the SEA field, the 
usual metrics presented themselves. But soon it turned out that the Conversion 
Ratio is very dependent on the quality of the landing page. An interview at 
ClickValue for instance highlighted that sometimes a campaign can attract a lot 
of traffic, but only to lead to a very slow or otherwise impaired landing page. 
Therefore, Conversion Ratio is a good metric for the success of the whole chain, 
but not of the keywords by themselves. Furthermore, it became clear that the 
Google Keyword Tool can provide a very rough estimate of the CPC, but only for 
short-tail keywords. Then the Click-Through-Rate was the only one left of the 
‘big three’. And this proved itself to be a difficult one, as the CTR is a historical 
metric. It’s a rate that builds up over time; therefore, for new keywords it is a 
challenge to say anything meaningful about them. Only after rigorous literature 
research did the author found the correlation of approximation of frequency and 
CTR. There appears to be a correlation between the number of times a keyword 
appears on the internet, the number of times it is queried for and the ratio at 
which people click through. This interesting phenomenon had only one 
drawback: one must ignore the page rank. If one regards the page rank one can 
observe patterns per page rank, but since the page rank is impossible to predict, 
the author chose to ignore the page rank as well. 
 
Given this correlation it was easy to come up with some basic metrics on the 
number of Google hits, such as mean etc., but a more basic method of evaluation 
was needed. Therefore, the focus shifted and the evaluation took its final shape 
by regarding the keywords generated by LTGen and by ClickValue as what they 
are: sets. Then the evaluation should also compare the sizes of the sets and 
determine if/how the sets overlap. This is obviously a very basic way of 
comparing the two sets, but a sound one; to which the correlation between the 
CTR and the approximate frequency of occurrence is a welcome addition. 
 
There were also some technical difficulties to overcome. To retrieve the number 
of Google hits turned out to be practically impossible through the initial 
technology of Excel/VBA. First of all the technology was relatively slow, but most 
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importantly, Google detected that a non-human entity was querying and their 
policy is to put a daily maximum to such queries. After a rewrite of the relevant 
code to Java, this turned out to improve both the speed and apparently Google 
assigned a new, higher daily maximum making it more feasible to retrieve the 
number of Google hits for all the generated keywords. 
 

7.2 Findings 
The past so many years the academic world has started to observe and analyze 
the exciting and economically important world of search engine advertising, in 
which Google is the main stakeholder.  Most of the research literature presumes 
historical data at hand to support the researchers’ theories, very little literature 
has focused itself on predicting the success of keywords without any historical 
data available.  The author feels this is just in its infancy as a research subject. 
There is however a relatively large number of non-academic papers and articles 
available on the internet. Most of these seem to be fairly consistent what they 
claim, but very little are supported by sound scientific measurements. And if they 
are, very little is published on the setting, the data, the methods etc. The little 
academic literature that is available indicates that predicting a CTR for a new 
keyword, without any available prior data, is nigh impossible. If one does not 
regard the option to retrieve historical data from semantically similar words, one 
is left with very little options. However there are some interesting insights 
(usually derived from analysis with historical data) available that can be applied 
to new keywords. The option chosen in this paper is to compare the set of results 
of the author’s approach against the set of results of ClickValue’s approach, and 
to use a keyword’s approximate frequency of occurrence on the World Wide 
Web as an extra criterion. Without the opportunity to evaluate the method 
within the context of a live Google AdWords campaign these latter numbers 
might at best serve as a relevant indication of potential success when comparing 
two (sets of) keywords. However the author feels that the generation of long-tail 
keywords by retrieving synonyms and misspellings in an automated fashion is 
already a success in its own.  
 

7.3 Future research 
The author hopes that in the near future it will be possible to prove or disprove 
the validity of using approximate frequency of occurrence by putting keywords 
generated by means of her approach into an actual live Google AdWords 
campaign. If this were to be made possible, it would be possible to compare the 
output of LTGen against that of human experts with real historical data. If the 
produced long-tail keywords were allowed to be run in a live campaign, it would 
be most interesting to run a series of experiments in order to better evaluate the 
approach of this paper, and to furthermore hypothesize on the effects of and 
correlations with approximate frequency of occurrence with parameters such as 
ranking, bidding and actual CPC, CR and to experiment with semantic similarity 
scorings, based on TF/IDF and exciting newly derived methods such context 
vectors as published  by Schimmel (2010)[40], Abhishek et al (2010)[10], Chen 
et al[41] etc.  Finally, it would be very interesting to choose to not ignore the 
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page rank and see what correlations she could observe between the rank and the 
calculated CTR. 
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APPENDIX A 
Private Sub AddSynonymBtn_Click() 

 

Dim strSearch As String 

Dim nSearchCnt As Integer 

Dim nSearchTot As Integer 

Dim strSearchURL As String 

Dim objHttp As Object 

Dim strText As String 

Dim nPos As Long 

Dim nEndPos As Long 

Dim nHTMLPos As Integer 

Dim bStop As Boolean 

Dim nSynCnt As Integer 

Dim strSynonym As String 

Dim bStatusBar As Boolean 

 

On Error GoTo ErrLabel 

 

ThisWorkbook.Sheets("Input").Range("B2").Select 

nSearchTot = ActiveSheet.UsedRange.Rows.Count 

 

With ThisWorkbook.Sheets("Synonyms") 

.Range(.Cells(2, 2), .Cells(2000, 54)).ClearContents 

End With 

 

bStatusBar = Application.DisplayStatusBar 

Application.DisplayStatusBar = True 

 

 

'Application.ScreenUpdating = False 

 

Set objHttp = CreateObject("MSXML2.ServerXMLHTTP") 

 

nSearchCnt = 1 

strSearch = Trim(ThisWorkbook.Sheets("Input").Cells(nSearchCnt + 1, 2).Value) 

While (strSearch <> "") 

    Call ProgressStatusBar(nSearchCnt / nSearchTot, "Processing") 

 

    nSynCnt = 1 

    ThisWorkbook.Sheets("Synonyms").Cells(nSynCnt + 1, nSearchCnt * 2).Value = 

strSearch 

    ThisWorkbook.Sheets("Synonyms").Cells(nSynCnt + 1, (nSearchCnt * 2) + 1).Value = 

"a" 

    ThisWorkbook.Sheets("Synonyms").Cells(nSynCnt + 1, (nSearchCnt * 2) + 1).Font.Name 

= "Marlett" 

 

    strSearchURL = strURLPREFIX & Trim(strSearch) 

    Call objHttp.Open("GET", strSearchURL, False) 

    Call objHttp.Send("") 

    If (objHttp.Status >= 400 And objHttp.Status <= 599) Then 

        MsgBox "Error Occurred during http: " & objHttp.Status & " - " & 

objHttp.statusText 

         

        GoTo ErrLabel 

    End If 

     

    strText = objHttp.ResponseText 

    nPos = InStr(1, strText, strChkPt1) 

    If (nPos > 0) Then 

        strText = Mid(strText, nPos) 

        nPos = InStr(1, strText, strChkPt2) 

        strText = Mid(strText, nPos) 

        nPos = InStr(1, strText, strSpanStart) 

        strText = Mid(strText, nPos + 7) 

         

        nPos = InStr(1, strText, ",") 

        nEndPos = InStr(1, strText, strSpanEnd) 

        bStop = False 

        While ((nEndPos > 0) And (nPos > 0) And Not (bStop)) 

            If (nPos < nEndPos) Then 

                strSynonym = Left(strText, nPos - 1) 

                strText = Mid(strText, nPos + 2) 

            Else 
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                strSynonym = Left(strText, nEndPos - 1) 

                bStop = True 

            End If 

             

            nHTMLPos = InStr(1, strSynonym, strHTMLEscStart) 

            While (nHTMLPos > 0) 

                If (nHTMLPos = 1) Then 

                    strSynonym = Mid(strSynonym, InStr(1, strSynonym, strHTMLEscEnd) + 

1) 

                Else 

                    strSynonym = Left(strSynonym, nHTMLPos - 1) 

                End If 

                 

                nHTMLPos = InStr(1, strSynonym, strHTMLEscStart) 

            Wend 

             

            If (InStr(strSynonym, " ") > 0) Then 

                strSynonym = """" & strSynonym & """" 

            End If 

             

            ThisWorkbook.Sheets("Synonyms").Cells(nSynCnt + 2, nSearchCnt * 2).Value = 

Trim(strSynonym) 

            'ThisWorkbook.Sheets("Synonyms").Cells(nSynCnt + 2, nSearchCnt * 

2).Replace vbNewLine, "" 

            ThisWorkbook.Sheets("Synonyms").Cells(nSynCnt + 2, (nSearchCnt * 2) + 

1).Value = "a" 

            ThisWorkbook.Sheets("Synonyms").Cells(nSynCnt + 2, (nSearchCnt * 2) + 

1).Font.Name = "Marlett" 

             

            nSynCnt = nSynCnt + 1 

             

            nPos = InStr(1, strText, ",") 

            nEndPos = InStr(1, strText, strSpanEnd) 

        Wend 

    End If 

     

    ThisWorkbook.Sheets("Synonyms").Columns(nSearchCnt * 2).EntireColumn.AutoFit 

     

    nSearchCnt = nSearchCnt + 1 

    strSearch = ThisWorkbook.Sheets("Input").Cells(nSearchCnt + 1, 2).Value 

Wend 

 

ThisWorkbook.Sheets("Synonyms").Activate 

GoTo NoErrLabel 

 

ErrLabel: 

'MsgBox Err.Description 

 

NoErrLabel: 

Application.StatusBar = False 

Application.DisplayStatusBar = bStatusBar 

 

'Application.ScreenUpdating = True 

Set objHttp = Nothing 

 

End Sub 

 

 

Private Sub CommandButton1_Click() 

 

Call AddSynonymBtn_Click 

 

End Sub 

 

 

Private Sub Worksheet_Activate() 

 

    ActiveWindow.DisplayHeadings = False 

     

End Sub 

 
Dim hDoc As HTMLDocument 

Dim hInp As HTMLInputElement 

 

Private Declare Sub Sleep Lib "kernel32.dll" (ByVal dwMilliseconds As Long) 
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Private nLT As Long 

 

 

Private Sub Combine(ByRef arrArray, ByVal strTmpLT As String, ByVal nYIdx As Long, 

ByRef strLT As String) 

 

Dim nXIdx As Long 

  

For nXIdx = LBound(arrArray, 1) To UBound(arrArray, 1) 

    If (arrArray(nXIdx, nYIdx) <> "") Then 

        If (nYIdx = UBound(arrArray, 2)) Then 

            strLT = strLT & " " & strTmpLT & " +" & arrArray(nXIdx, nYIdx) 

            ThisWorkbook.Sheets("Long-Tail").Cells(nLT + 1, 2).Value = Trim(strLT) 

            strLT = "" 

            nLT = nLT + 1 

        Else 

            Combine arrArray, strTmpLT & " +" & arrArray(nXIdx, nYIdx), nYIdx + 1,  

strLT 

        End If 

    End If 

Next nXIdx 

 

End Sub 

 

 

Private Sub CreateLTBtn_Click() 

 

Dim nInput As Integer 

Dim nSyn As Integer 

Dim strLT As String 

Dim nXWord As Integer 

Dim nMaxSyn As Integer 

Dim nNrSynCat As Integer 

Dim nYWord As Integer 

Dim bDoInput As Boolean 

Dim strWord As String 

Dim arrWords() As String 

'Dim arrWords As Variant 

 

On Error GoTo ErrLabel 

 

'Application.ScreenUpdating = False 

 

With ThisWorkbook.Sheets("Long-Tail") 

.Range(.Cells(2, 2), .Cells(65000, 2)).ClearContents 

End With 

 

nInput = 1 

nYWord = 1 

ReDim arrWords(2000, 26) 

strWord = ThisWorkbook.Sheets("Synonyms").Cells(2, nInput * 2) 

bDoInput = (ThisWorkbook.Sheets("Synonyms").Cells(2, (nInput * 2) + 1).Value = "a") 

While (nInput < 26) 

    If (strWord <> "" And bDoInput) Then 

        nSyn = 1 

        nMaxSyn = 1 

        nXWord = 1 

        arrWords(nXWord, nYWord) = strWord 

        strWord = ThisWorkbook.Sheets("Synonyms").Cells(nSyn + 2, nInput * 2) 

        While ((nSyn < 2000) And strWord <> "") 

            bDoInput = (ThisWorkbook.Sheets("Synonyms").Cells(nSyn + 2, (nInput * 2) +  

1).Value = "a") 

            If (strWord <> "" And bDoInput) Then 

                nXWord = nXWord + 1 

                arrWords(nXWord, nYWord) = strWord 

            End If 

            nSyn = nSyn + 1 

            strWord = ThisWorkbook.Sheets("Synonyms").Cells(nSyn + 2, nInput * 2) 

        Wend 

         

        If (nXWord > nMaxSyn) Then nMaxSyn = nXWord 

 

        nYWord = nYWord + 1 

    End If 
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    nInput = nInput + 1 

    strWord = ThisWorkbook.Sheets("Synonyms").Cells(2, nInput * 2) 

    bDoInput = (ThisWorkbook.Sheets("Synonyms").Cells(2, (nInput * 2) + 1).Value =  

"a") 

Wend 

 

With ThisWorkbook.Sheets("Long-Tail") 

.Range(.Cells(2, 2), .Cells(30000, 2)).ClearContents 

End With 

'arrWords = ThisWorkbook.Sheets("Synonyms").UsedRange.Value 

 

nNrSynCat = nYWord - 1 

ReDim Preserve arrWords(2000, nNrSynCat) 

 

nLT = 1 

Combine arrWords, "", 1, strLT 

GoTo NoErrLabel 

 

ErrLabel: 

MsgBox Err.Description 

 

NoErrLabel: 

'Application.ScreenUpdating = True 

             

End Sub 

 

Private Sub CreateMisSpellingsBtn_Click() 

 

Dim strInput As String 

Dim strWord As String 

Dim strFirstWord As String 

Dim nInput As Integer 

Dim bDoInput As Boolean 

Dim strOutput As String 

Dim strOutWord As String 

Dim nPos As Long 

Dim nCurrPos As Long 

Dim nSyn As Integer 

Dim vForm As Variant 

Dim varTextArea As Variant 

Dim varTextAreas As Variant 

Dim varRows As Variant 

Dim varRow As Variant 

 

If WebBrowser1.LocationURL <> "http://tools.seobook.com/spelling/keywords-typos.cgi" 

Then 

    WebBrowser1.Navigate2 "http://tools.seobook.com/spelling/keywords-typos.cgi" 

End If 

DoEvents 

Sleep 500 

Do While WebBrowser1.Busy = True 

    DoEvents 

 

    Sleep 500 

Loop 

 

Set hDoc = WebBrowser1.document 

Set vForm = hDoc.forms(1) 

 

Set hInp = Nothing 

Set hInp = hDoc.getElementById("skip_letter") 

hInp.Focus 

hInp.Checked = (ThisWorkbook.Sheets("Synonyms").CheckBoxes("Skip").Value = 1) 

Set hInp = Nothing 

Set hInp = hDoc.getElementById("double_letters") 

hInp.Focus 

hInp.Checked = (ThisWorkbook.Sheets("Synonyms").CheckBoxes("Double").Value = 1) 

Set hInp = Nothing 

Set hInp = hDoc.getElementById("reverse_letters") 

hInp.Focus 

hInp.Checked = (ThisWorkbook.Sheets("Synonyms").CheckBoxes("Reverse").Value = 1) 

Set hInp = Nothing 

Set hInp = hDoc.getElementById("skip_spaces") 

hInp.Focus 

hInp.Checked = (ThisWorkbook.Sheets("Synonyms").CheckBoxes("SkipSpace").Value = 1) 

Set hInp = Nothing 

Set hInp = hDoc.getElementById("missed_key") 
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hInp.Focus 

hInp.Checked = (ThisWorkbook.Sheets("Synonyms").CheckBoxes("Missed").Value = 1) 

Set hInp = Nothing 

Set hInp = hDoc.getElementById("inserted_key") 

hInp.Focus 

hInp.Checked = (ThisWorkbook.Sheets("Synonyms").CheckBoxes("Insert").Value = 1) 

 

Do While WebBrowser1.Busy = True 

    DoEvents 

 

    Sleep 500 

Loop 

 

nInput = 1 

strInput = "" 

While (nInput < 26) 

    nSyn = 1 

    strWord = ThisWorkbook.Sheets("Synonyms").Cells(nSyn + 1, nInput * 2) 

    strFirstWord = strWord 

    strInput = "" 

    bDoInput = (ThisWorkbook.Sheets("Synonyms").Cells(nSyn + 1, (nInput * 2) +  

1).Value = "a") 

    If (bDoInput) Then 

        While ((nSyn < 40) And strWord <> "") 

            If Left(strWord, 1) = """" Then strWord = Mid(strWord, 2, Len(strWord) –  

2) 

            nSyn = nSyn + 1 

             

            If (bDoInput) Then strInput = strInput + strWord + Chr(13) + Chr(10) 

             

            strWord = ThisWorkbook.Sheets("Synonyms").Cells(nSyn + 1, nInput * 2) 

            bDoInput = (ThisWorkbook.Sheets("Synonyms").Cells(nSyn + 1, (nInput * 2) +  

1).Value = "a") 

        Wend 

     

        Set hInp = Nothing 

        Set hInp = hDoc.getElementById("user_input") 

        hInp.Focus 

        hInp.Value = strInput 

         

        DoEvents 

        Sleep 500 

        Do While WebBrowser1.Busy = True 

            DoEvents 

     

            Sleep 500 

        Loop 

     

        vForm.submit ("generate typos") 

        DoEvents 

        Sleep 500 

        Do While WebBrowser1.Busy = True 

            DoEvents 

     

            Sleep 500 

        Loop 

             

        Set hDoc = Nothing 

        Set hDoc = WebBrowser1.document 

        Set varTextAreas = hDoc.all.tags("textarea") 

        Set varTextArea = varTextAreas(1) 

        strOutput = varTextArea.Value 

        nCurrPos = 1 

        nPos = InStr(nCurrPos, strOutput, Chr(13)) 

        strOutWord = Mid(strOutput, nCurrPos, nPos - 1) 

        nCurrPos = nPos + 2 

        While (strOutWord <> "") 

            If (InStr(strOutWord, " ") > 0) Then 

                strOutWord = """" & strOutWord & """" 

            End If 

            ThisWorkbook.Sheets("Synonyms").Cells(nSyn + 1, nInput * 2) = strOutWord 

            ThisWorkbook.Sheets("Synonyms").Cells(nSyn + 1, (nInput * 2) + 1).Value =  

"a" 

            nSyn = nSyn + 1 
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            nPos = InStr(nCurrPos, strOutput, Chr(13)) 

            If (nPos > 0) Then 

                strOutWord = Mid(strOutput, nCurrPos, nPos - nCurrPos) 

            Else 

                strOutWord = "" 

            End If 

             

            nCurrPos = nPos + 2 

        Wend 

    End If 

     

    Set vForm = Nothing 

    Set vForm = hDoc.forms(1) 

 

    nInput = nInput + 1 

Wend 

 

End Sub 

 

 

Private Sub CommandButton1_Click() 

 

Call CreateLTBtn_Click 

 

End Sub 

 

Private Sub CommandButton2_Click() 

 

Call CreateMisSpellingsBtn_Click 

 

End Sub 

 

Private Sub Worksheet_BeforeDoubleClick(ByVal Target As Range, Cancel As Boolean) 

      

    If (Not Intersect(Target, Range("B2:BA102   ")) Is Nothing) Then 

        If (Target.Column Mod 2 = 1) Then 

            Cancel = True 'Prevent going into Edit Mode 

            Target.Font.Name = "Marlett" 

         

            If Target = vbNullString Then 

                Target = "a" 

            Else 

                Target = vbNullString 

            End If 

        End If 

    End If 

End Sub 

 

 

Private Sub Worksheet_Activate() 

 

    ActiveWindow.DisplayHeadings = False 

     

End Sub 
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APPENDIX C 
keyword short-tail  exact search vol   broad search vol  

gites Bedoin   1,400   33,600  

vacation house L'Alpe d'Huez   -     38,700  
gite Bedoin   7,400   39,000  

vacation Bedoin   150   65,500  

vacation houses Bedoin   -     73,000  
vacation stay Aucaleuc   -     85,400  

vacation Aucaleuc   -     101,000  
vacation Etel   -     107,000  

apartments Bedoin   517   112,000  

gites Etel   1,030   119,000  

gite Etel   11,500   152,000  

gites Merkwiller-Pechelbronn   2,730   153,000  
chalet Bedoin   4,630   169,000  

chalets Bedoin   169   169,000  
house Bedoin   9,250   188,000  

vacation house L'Alpe d'Huez   -     219,000  
apartment Bedoin   1,870   305,000  

gite L'Alpe d'Huez   17,800   329,000  

vacation house rent Bedoin   -     329,000  
apartments Aucaleuc   14   352,000  

gites rent Bedoin   -     355,000  
vacation stay L'Alpe d'Huez   -     364,000  

apartment Merkwiller-
Pechelbronn 

  260   373,000  

gites Aucaleuc   1,250   378,000  
apartment Aucaleuc   394   412,000  

vacation houses Etel   -     438,000  

gites L'Alpe d'Huez   2,540   490,000  

house Etel   3,370   561,000  

house L'Alpe d'Huez   9,650   692,000  
chalet Merkwiller-Pechelbronn   6,350   775,000  

chalets Merkwiller-
Pechelbronn 

  -     778,000  

vacation house Bedoin   -     867,000  

apartment L'Alpe d'Huez   122,000   953,000  

vacation house Etel   -     1,110,000  
gite Aucaleuc   3,840   1,190,000  

vacation L'Alpe d'Huez   1,390   1,270,000  
apartments L'Alpe d'Huez   11,200   1,370,000  

chalet Aucaleuc   3,560   1,420,000  
chalets Aucaleuc   -     1,420,000  

house Aucaleuc   830   1,530,000  

house Merkwiller-Pechelbronn   483   1,570,000  
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vacation stay Bedoin   -     1,690,000  

gite Merkwiller-Pechelbronn   14,000   1,700,000  
chalets Etel   -     2,010,000  

chalet Etel   820   2,020,000  
apartment Etel   2,880   2,030,000  

apartments Etel   233   2,040,000  
chalets L'Alpe d'Huez   6,200   2,070,000  

chalet L'Alpe d'Huez   121,000   2,090,000  

vacation stay Etel   -     2,210,000  
vacation houses  YES  451,000   87,500,000  

vacation house Aucaleuc   -     644,000,000  

vacation houses Aucaleuc   -     647,000,000  

vacation house  YES  7,230,000   669,000,000  
vacation  YES  797,000,000   797,000,000  

apartments  YES  875,000,000   875,000,000  

apartment  YES  901,000,000   902,000,000  
  



 54 

APPENDIX D 
Keyword short-tail exact search vol broad search vol 

vacation lodging Aucaleuc   -     -    

vacation pied-à-terre Aucaleuc   -     -    
holiday pied-à-terre Aucaleuc   -     -    

"long weekend" apartment 
Merkwiller-Pechelbronn 

  -     -    

"long weekend" accommodation 
Aucaleuc 

  -     -    

"long weekend" condo Aucaleuc   -     -    
"long weekend" flat Aucaleuc   -     -    

"long weekend" flat Merkwiller-
Pechelbronn 

  -     -    

"long weekend" lodging 
Aucaleuc 

  -     -    

"long weekend" lodging 
Merkwiller-Pechelbronn 

  -     -    

"long weekend" suite Aucaleuc   -     -    

"long weekend" chalet Aucaleuc   -     -    
"long weekend" chalet 
Merkwiller-Pechelbronn 

  -     -    

"long weekend" cabin Aucaleuc   -     -    

"long weekend" cabin 
Merkwiller-Pechelbronn 

  -     -    

"long weekend" gite Aucaleuc   -     -    
"long weekend" gite Merkwiller-
Pechelbronn 

  -     -    

"long weekend" house Aucaleuc   -     -    
"long weekend" condo Aucaleuc   -     -    

"long weekend" pied-à-terre 
Aucaleuc 

  -     -    

"long weekend" pied-à-terre 
Merkwiller-Pechelbronn 

  -     -    

"long weekend" home Aucaleuc   -     -    

holiday chalet rental Aucaleuc   -     -    

"long weekend" apartment rent 
Aucaleuc 

  -     -    

"long weekend" apartment rent 
Merkwiller-Pechelbronn 

  -     -    

"long weekend" apartment lease 
Aucaleuc 

  -     -    

"long weekend" apartment 
rental Aucaleuc 

  -     -    

"long weekend" apartment 
rental Merkwiller-Pechelbronn 

  -     -    

"long weekend" accommodation   -     -    
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rent Aucaleuc 

"long weekend" accommodation 
rent Merkwiller-Pechelbronn 

  -     -    

"long weekend" accommodation 
lease Aucaleuc 

  -     -    

"long weekend" accommodation 
lease Merkwiller-Pechelbronn 

  -     -    

"long weekend" accommodation 
rental Aucaleuc 

  -     -    

"long weekend" accommodation 
rental Merkwiller-Pechelbronn 

  -     -    

"long weekend" condo rent 
Aucaleuc 

  -     -    

"long weekend" condo rent 
Merkwiller-Pechelbronn 

  -     -    

"long weekend" condo lease 
Aucaleuc 

  -     -    

"long weekend" condo rental 
Aucaleuc 

  -     -    

"long weekend" condo rental 
Merkwiller-Pechelbronn 

  -     -    

"long weekend" flat rent 
Aucaleuc 

  -     -    

"long weekend" flat rent 
Merkwiller-Pechelbronn 

  -     -    

"long weekend" flat lease 
Aucaleuc 

  -     -    

"long weekend" flat lease 
Merkwiller-Pechelbronn 

  -     -    

"long weekend" flat rental 
Aucaleuc 

  -     -    

"long weekend" flat rental 
Merkwiller-Pechelbronn 

  -     -    

"long weekend" lodging rent 
Aucaleuc 

  -     -    

"long weekend" lodging lease 
Aucaleuc 

  -     -    

"long weekend" lodging lease 
Merkwiller-Pechelbronn 

  -     -    

"long weekend" lodging rental 
Aucaleuc 

  -     -    

"long weekend" lodging rental 
Merkwiller-Pechelbronn 

  -     -    

"long weekend" suite rent 
Aucaleuc 

  -     -    

"long weekend" suite rent   -     -    
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Merkwiller-Pechelbronn 

"long weekend" suite lease 
Aucaleuc 

  -     -    

"long weekend" suite lease 
Merkwiller-Pechelbronn 

  -     -    

"long weekend" suite rental 
Aucaleuc 

  -     -    

"long weekend" suite rental 
Merkwiller-Pechelbronn 

  -     -    

"long weekend" chalet rent 
Aucaleuc 

  -     -    

"long weekend" chalet rent 
Merkwiller-Pechelbronn 

  -     -    

"long weekend" chalet lease 
Aucaleuc 

  -     -    

"long weekend" chalet lease 
Merkwiller-Pechelbronn 

  -     -    

"long weekend" chalet rental 
Aucaleuc 

  -     -    

"long weekend" chalet rental 
Merkwiller-Pechelbronn 

  -     -    

"long weekend" cabin rent 
Aucaleuc 

  -     -    

"long weekend" cabin rent 
Merkwiller-Pechelbronn 

  -     -    

"long weekend" cabin lease 
Aucaleuc 

  -     -    

"long weekend" cabin rental 
Aucaleuc 

  -     -    

"long weekend" cabin rental 
Merkwiller-Pechelbronn 

  -     -    

"long weekend" gite rent 
Aucaleuc 

  -     -    

"long weekend" gite lease 
Aucaleuc 

  -     -    

"long weekend" gite rental 
Aucaleuc 

  -     -    

"long weekend" gite rental 
Merkwiller-Pechelbronn 

  -     -    

"long weekend" house rent 
Aucaleuc 

  -     -    

"long weekend" house rent 
Merkwiller-Pechelbronn 

  -     -    

"long weekend" house lease 
Aucaleuc 

  -     -    

"long weekend" house lease 
Merkwiller-Pechelbronn 

  -     -    
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"long weekend" house rental 
Aucaleuc 

  -     -    

"long weekend" house rental 
Merkwiller-Pechelbronn 

  -     -    

"long weekend" condo rent 
Aucaleuc 

  -     -    

"long weekend" condo rent 
Merkwiller-Pechelbronn 

  -     -    

"long weekend" condo lease 
Aucaleuc 

  -     -    

"long weekend" condo rental 
Aucaleuc 

  -     -    

"long weekend" condo rental 
Merkwiller-Pechelbronn 

  -     -    

"long weekend" pied-à-terre rent 
Aucaleuc 

  -     -    

"long weekend" pied-à-terre rent 
Merkwiller-Pechelbronn 

  -     -    

"long weekend" pied-à-terre 
lease Aucaleuc 

  -     -    

"long weekend" pied-à-terre 
lease Merkwiller-Pechelbronn 

  -     -    

"long weekend" pied-à-terre 
rental Aucaleuc 

  -     -    

"long weekend" pied-à-terre 
rental Merkwiller-Pechelbronn 

  -     -    

"long weekend" home rent 
Aucaleuc 

  -     -    

"long weekend" home rent 
Merkwiller-Pechelbronn 

  -     -    

"long weekend" home lease 
Aucaleuc 

  -     -    

"long weekend" home lease 
Merkwiller-Pechelbronn 

  -     -    

"long weekend" home rental 
Aucaleuc 

  -     -    

"long weekend" home rental 
Merkwiller-Pechelbronn 

  -     -    

lodging Aucaleuc   -     -    

suite Aucaleuc   -     -    

pied-à-terre Aucaleuc   -     -    
gite rental Aucaleuc   -     -    

"long weekend" suite 
Merkwiller-Pechelbronn 

  161   161  

"long weekend" house 
Merkwiller-Pechelbronn 

  194   194  
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"long weekend" home 
Merkwiller-Pechelbronn 

  194   194  

"long weekend" accommodation 
Merkwiller-Pechelbronn 

  197   197  

vacation condo lease Merkwiller-
Pechelbronn 

  254   259  

vacation condo lease Merkwiller-
Pechelbronn 

  254   259  

"long weekend" apartment 
Aucaleuc 

  349   349  

"long weekend" gite lease 
Bedoin 

  -     382  

"long weekend" pied-à-terre 
lease L'Alpe d'Huez 

  537   537  

condo lease Merkwiller-
Pechelbronn 

  634   631  

condo lease Merkwiller-
Pechelbronn 

  634   631  

"long weekend" condo lease 
L'Alpe d'Huez 

  663   663  

"long weekend" condo lease 
L'Alpe d'Huez 

  663   663  

"long weekend" pied-à-terre rent 
L'Alpe d'Huez 

  676   676  

"long weekend" condo lease 
Merkwiller-Pechelbronn 

  690   690  

"long weekend" condo lease 
Merkwiller-Pechelbronn 

  690   690  

"long weekend" chalet lease 
Bedoin 

  -     775  

"long weekend" condo 
Merkwiller-Pechelbronn 

  818   819  

"long weekend" condo 
Merkwiller-Pechelbronn 

  818   819  

"long weekend" cabin lease 
Merkwiller-Pechelbronn 

  873   874  

vacation home lease Merkwiller-
Pechelbronn 

  887   889  

"long weekend" pied-à-terre 
rental L'Alpe d'Huez 

  1,050   1,050  

flat lease Merkwiller-
Pechelbronn 

  1,140   1,130  

"long weekend" chalet rental 
Bedoin 

  -     1,200  

vacation cabin rental 
Merkwiller-Pechelbronn 

  1,640   1,310  

vacation home Merkwiller-   1,310   1,340  
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Pechelbronn 

"long weekend" pied-à-terre 
L'Alpe d'Huez 

  1,370   1,370  

"long weekend" gite rental 
Bedoin 

  -     1,470  

"long weekend" apartment lease 
L'Alpe d'Huez 

  1,490   1,490  

vacation apartment lease 
Aucaleuc 

  -     1,550  

"long weekend" gite lease 
Merkwiller-Pechelbronn 

  1,550   1,550  

"long weekend" chalet rent 
Bedoin 

  -     1,550  

"long weekend" gite rent Bedoin   -     1,550  

vacation home lease Aucaleuc   -     1,590  

"long weekend" suite rental 
Bedoin 

  -     1,640  

"long weekend" flat lease L'Alpe 
d'Huez 

  1,720   1,720  

vacation accommodation lease 
Merkwiller-Pechelbronn 

  1,820   1,820  

"long weekend" gite rent 
Merkwiller-Pechelbronn 

  1,850   1,850  

"long weekend" home rent 
L'Alpe d'Huez 

  1,860   1,860  

vacation houses Merkwiller-
Pechelbronn 

  1,950   1,950  

"long weekend" house rent 
Bedoin 

  -     2,040  

cabin rental Merkwiller-
Pechelbronn 

  2,400   2,210  

holiday suite lease Aucaleuc   -     2,780  

"long weekend" home lease 
L'Alpe d'Huez 

  2,920   2,920  

vacation pied-à-terre lease 
Aucaleuc 

  -     2,960  

"long weekend" gite Bedoin   -     2,960  

holiday suite rental Aucaleuc   -     2,990  
vacation pied-à-terre rent 
Aucaleuc 

  -     3,020  

"long weekend" gite lease L'Alpe 
d'Huez 

  3,200   3,200  

"long weekend" gite rent L'Alpe 
d'Huez 

  3,300   3,300  

condo lease Aucaleuc   -     3,370  
condo lease Aucaleuc   -     3,370  
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vacation home rent Aucaleuc   -     3,420  

"long weekend" suite lease 
Bedoin 

  -     3,560  

holiday pied-à-terre lease 
Aucaleuc 

  -     3,580  

vacation accommodation lease 
Aucaleuc 

  -     3,590  

cabin lease Merkwiller-
Pechelbronn 

  3,790   3,620  

holiday condo lease Aucaleuc   -     3,700  

holiday condo lease Aucaleuc   -     3,700  
vacation pied-à-terre rental 
Aucaleuc 

  -     4,020  

vacation apartment lease 
Merkwiller-Pechelbronn 

  2,700   4,070  

"long weekend" lodging rent 
Merkwiller-Pechelbronn 

  4,160   4,160  

"long weekend" chalet Bedoin   -     4,370  
holiday apartment lease 
Merkwiller-Pechelbronn 

  4,500   4,500  

vacation condo lease Aucaleuc   -     4,560  

vacation condo lease Aucaleuc   -     4,560  
"long weekend" apartment lease 
Merkwiller-Pechelbronn 

  4,650   4,650  

apartment lease Merkwiller-
Pechelbronn 

  4,730   4,730  

"long weekend" gite lease Etel   5,160   5,160  
vacation cabin lease Merkwiller-
Pechelbronn 

  5,220   5,210  

vacation condo Merkwiller-
Pechelbronn 

  5,240   5,240  

vacation condo Merkwiller-
Pechelbronn 

  5,240   5,240  

"long weekend" pied-à-terre 
rental Etel 

  5,260   5,260  

holiday condo rental Merkwiller-
Pechelbronn 

  5,370   5,350  

holiday condo rental Merkwiller-
Pechelbronn 

  5,370   5,350  

"long weekend" suite rent 
Bedoin 

  -     5,490  

"long weekend" gite rental 
L'Alpe d'Huez 

  5,510   5,510  

"long weekend" gite L'Alpe 
d'Huez 

  5,590   5,590  

condo rental Merkwiller-
Pechelbronn 

  5,630   5,600  
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condo rental Merkwiller-
Pechelbronn 

  5,630   5,600  

vacation gite rent Merkwiller-
Pechelbronn 

  5,980   5,640  

holiday suite rent Aucaleuc   -     5,710  
holiday condo lease Merkwiller-
Pechelbronn 

  5,770   5,770  

holiday condo lease Merkwiller-
Pechelbronn 

  5,770   5,770  

vacation home rent Merkwiller-
Pechelbronn 

  5,790   5,820  

"long weekend" home rental 
L'Alpe d'Huez 

  5,870   5,860  

vacation cabin rent Merkwiller-
Pechelbronn 

  5,880   5,890  

vacation gite lease Merkwiller-
Pechelbronn 

  6,620   5,960  

"long weekend" house rental 
L'Alpe d'Huez 

  5,990   5,990  

"long weekend" gite rent Etel   6,320   6,320  
"long weekend" pied-à-terre 
lease Etel 

  6,570   6,570  

holiday suite Aucaleuc   -     6,610  

"long weekend" flat Bedoin   -     6,640  
holiday lodging rental 
Merkwiller-Pechelbronn 

  6,710   6,740  

"long weekend" flat rent Bedoin   -     6,740  

"long weekend" condo lease 
Bedoin 

  -     6,980  

"long weekend" suite Bedoin   -     7,060  
vacation home Bedoin   10,400   7,150  

chalet rent Bedoin   377,000   7,220  
holiday chalet rental Bedoin   7,550   7,340  

"long weekend" pied-à-terre rent 
Etel 

  7,500   7,500  

holiday flat lease Aucaleuc   -     7,880  
"long weekend" cabin lease 
L'Alpe d'Huez 

  8,160   8,120  

"long weekend" apartment lease 
Bedoin 

  -     8,120  

holiday flat lease Merkwiller-
Pechelbronn 

  7,860   8,410  

house rent Bedoin   11,400   8,600  
holiday home lease Merkwiller-
Pechelbronn 

  14,500   8,630  

vacation chalet rent Bedoin   10,800   9,130  
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"long weekend" gite Etel   9,330   9,320  

holiday home rent Merkwiller-
Pechelbronn 

  15,300   9,410  

vacation suite lease Merkwiller-
Pechelbronn 

  9,370   9,600  

home rent Merkwiller-
Pechelbronn 

  9,830   9,840  

accommodation rent Bedoin   -     10,100  

"long weekend" pied-à-terre Etel   10,200   10,200  
vacation home rent Bedoin   10,200   10,200  

"long weekend" chalet lease Etel   10,300   10,300  

"long weekend" gite rental Etel   10,500   10,500  

holiday flat Bedoin   -     10,500  

vacation gite lease Aucaleuc   -     10,600  
vacation gite rent Aucaleuc   -     10,900  

holiday pied-à-terre rental 
Aucaleuc 

  -     10,900  

"long weekend" home Bedoin   -     11,000  
"long weekend" pied-à-terre 
lease Bedoin 

  -     11,000  

"long weekend" pied-à-terre rent 
Bedoin 

  -     11,100  

"long weekend" pied-à-terre 
rental Bedoin 

  -     11,100  

"long weekend" lodging rent 
L'Alpe d'Huez 

  11,300   11,300  

vacation pied-à-terre rent 
Merkwiller-Pechelbronn 

  1,810   11,400  

"long weekend" chalet rent Etel   11,700   11,700  

"long weekend" flat rental L'Alpe 
d'Huez 

  12,100   12,100  

holiday chalet rent Bedoin   13,600   12,200  
"long weekend" cabin rent 
L'Alpe d'Huez 

  12,400   12,400  

house rental Etel   -     12,600  

holiday house Bedoin   5,150   12,600  
"long weekend" condo L'Alpe 
d'Huez 

  12,700   12,700  

"long weekend" condo L'Alpe 
d'Huez 

  12,700   12,700  

holiday condo rental Aucaleuc   -     12,700  
holiday condo rental Aucaleuc   -     12,700  

holiday lodging lease 
Merkwiller-Pechelbronn 

  12,800   12,800  

vacation pied-à-terre lease 
Merkwiller-Pechelbronn 

  1,170   13,300  

house rental Merkwiller-   13,400   13,400  
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Pechelbronn 

home rental Merkwiller-
Pechelbronn 

  13,500   13,400  

condo rental Aucaleuc   -     13,800  

condo rental Aucaleuc   -     13,800  

holiday home rent Bedoin   13,800   13,800  
holiday house Etel   -     14,700  

vacation cabin rent Aucaleuc   -     14,800  
vacation cabin rental Aucaleuc   -     14,800  

holiday lodging rent Merkwiller-
Pechelbronn 

  14,900   15,000  

holiday pied-à-terre rent 
Aucaleuc 

  -     15,100  

holiday house rent Bedoin   14,700   15,100  

vacation condo Aucaleuc   -     15,200  

vacation condo Aucaleuc   -     15,200  
cabin rent Aucaleuc   -     15,300  

cabin rental Aucaleuc   -     15,300  
"long weekend" flat lease Bedoin   -     15,300  

home rent Etel   15,400   15,500  
"long weekend" cabin rental 
L'Alpe d'Huez 

  15,900   15,900  

vacation apartment lease L'Alpe 
d'Huez 

  16,200   16,300  

"long weekend" accommodation 
rent L'Alpe d'Huez 

  16,300   16,300  

"long weekend" condo lease Etel   16,400   16,400  
"long weekend" condo lease Etel   16,400   16,400  

"long weekend" pied-à-terre 
Bedoin 

  -     16,400  

home lease Merkwiller-
Pechelbronn 

  16,500   16,500  

"long weekend" accommodation 
lease L'Alpe d'Huez 

  16,600   16,600  

"long weekend" home rent 
Bedoin 

  -     16,700  

"long weekend" chalet lease 
L'Alpe d'Huez 

  17,500   17,300  

holiday lodging Merkwiller-
Pechelbronn 

  17,600   17,800  

"long weekend" accommodation 
rent Bedoin 

  -     17,800  

home rent Bedoin   21,400   17,900  
vacation gite rental Merkwiller-
Pechelbronn 

  17,600   18,000  

gite rent Bedoin   444,000   18,300  
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vacation house Merkwiller-
Pechelbronn 

  18,200   18,400  

holiday chalet lease Bedoin   18,700   18,600  

holiday gite rent Bedoin   18,600   18,600  
"long weekend" home rental Etel   18,700   18,700  

"long weekend" home rental 
Bedoin 

  -     18,800  

vacation gite Merkwiller-
Pechelbronn 

  18,100   18,900  

holiday flat Merkwiller-
Pechelbronn 

  19,000   18,900  

apartment lease L'Alpe d'Huez   17,400   18,900  

vacation gite rental Bedoin   19,300   19,300  
holiday gite rental Bedoin   -     19,300  

vacation cabin lease Aucaleuc   -     19,400  

vacation house lease Aucaleuc   -     19,400  
holiday apartment rent Bedoin   19,700   19,600  

"long weekend" cabin L'Alpe 
d'Huez 

  20,400   20,400  

vacation gite rent Bedoin   20,700   20,700  

"long weekend" condo Bedoin   -     20,800  

holiday home Etel   60   21,300  
vacation accommodation 
Aucaleuc 

  -     21,600  

holiday condo lease L'Alpe 
d'Huez 

  21,200   21,800  

holiday condo lease L'Alpe 
d'Huez 

  21,200   21,800  

vacation houses Etel   -     21,800  
vacation apartment lease Bedoin   21,900   21,900  

vacation chalet lease Aucaleuc   -     22,200  
"long weekend" lodging rent Etel   22,400   22,400  

"long weekend" flat rent L'Alpe 
d'Huez 

  23,000   23,000  

"long weekend" house rent 
L'Alpe d'Huez 

  23,100   23,100  

flat lease L'Alpe d'Huez   22,400   23,300  
"long weekend" house lease 
L'Alpe d'Huez 

  23,400   23,400  

vacation flat rent Bedoin   23,400   23,400  
holiday home Bedoin   1,300   23,500  

vacation house rent Etel   631,000   23,800  

holiday apartment lease L'Alpe 
d'Huez 

  23,700   23,800  

holiday house Merkwiller-
Pechelbronn 

  30,200   24,500  

vacation accommodation lease   24,900   25,200  
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L'Alpe d'Huez 

vacation pied-à-terre rental 
Merkwiller-Pechelbronn 

  1,780   25,500  

holiday gite Bedoin   25,800   25,800  

"long weekend" lodging lease 
L'Alpe d'Huez 

  26,100   26,100  

"long weekend" suite lease 
L'Alpe d'Huez 

  27,000   27,000  

vacation gite rental Aucaleuc   -     27,300  
holiday suite rental Merkwiller-
Pechelbronn 

  25,400   27,300  

vacation gite Aucaleuc   -     27,500  

"long weekend" lodging rental 
L'Alpe d'Huez 

  27,500   27,500  

holiday home Merkwiller-
Pechelbronn 

  -     27,700  

vacation house lease Merkwiller-
Pechelbronn 

  27,800   27,800  

vacation suite rental Merkwiller-
Pechelbronn 

  28,800   28,300  

vacation home lease L'Alpe 
d'Huez 

  28,000   28,300  

vacation home rental 
Merkwiller-Pechelbronn 

  28,900   28,400  

house rental Bedoin   8,810   28,400  

"long weekend" accommodation 
rental Bedoin 

  -     28,600  

vacation condo L'Alpe d'Huez   -     28,700  
vacation condo L'Alpe d'Huez   -     28,700  

vacation condo rental 
Merkwiller-Pechelbronn 

  29,200   28,700  

vacation condo rental 
Merkwiller-Pechelbronn 

  29,200   28,700  

"long weekend" house rental 
Etel 

  28,900   28,900  

chalet rental Bedoin   -     28,900  

vacation suite rent Merkwiller-
Pechelbronn 

  28,600   29,100  

flat rental Aucaleuc   -     29,100  
vacation house rental 
Merkwiller-Pechelbronn 

  28,700   29,200  

holiday apartment rental 
Merkwiller-Pechelbronn 

  29,300   29,300  

"long weekend" flat L'Alpe 
d'Huez 

  29,400   29,400  

"long weekend" chalet rent   30,500   30,500  
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L'Alpe d'Huez 

vacation condo rent Merkwiller-
Pechelbronn 

  30,900   30,800  

vacation condo rent Merkwiller-
Pechelbronn 

  30,900   30,800  

holiday condo rental L'Alpe 
d'Huez 

  26,700   31,200  

holiday condo rental L'Alpe 
d'Huez 

  26,700   31,200  

vacation houses Aucaleuc   -     31,500  

vacation chalet lease Merkwiller-
Pechelbronn 

  31,600   31,700  

condo Merkwiller-Pechelbronn   32,000   31,900  
condo Merkwiller-Pechelbronn   32,000   31,900  

"long weekend" flat rental 
Bedoin 

  -     32,400  

holiday flat lease Bedoin   33,100   33,000  

holiday suite lease Merkwiller-
Pechelbronn 

  27,800   33,400  

gites Bedoin   197   33,600  
gites Bedoin   430   33,600  

holiday apartment lease 
Aucaleuc 

  -     34,300  

holiday apartment Merkwiller-
Pechelbronn 

  35,200   35,200  

"long weekend" accommodation 
rental L'Alpe d'Huez 

  35,200   35,200  

apartment lease Aucaleuc   -     35,200  

condo rental L'Alpe d'Huez   -     35,500  

condo rental L'Alpe d'Huez   -     35,500  

flat rent Bedoin   35,700   35,700  

vacation accommodation 
Merkwiller-Pechelbronn 

  35,900   35,900  

holiday suite rent Merkwiller-
Pechelbronn 

  31,100   36,600  

holiday flat Aucaleuc   -     36,900  

holiday pied-à-terre lease 
Merkwiller-Pechelbronn 

  4,860   37,600  

"long weekend" accommodation 
rent Etel 

  37,600   37,600  

pied-à-terre lease Aucaleuc   -     38,600  

house lease Bedoin   38,700   38,700  

"long weekend" flat lease Etel   39,100   39,100  
vacation suite lease Bedoin   39,700   39,100  

"long weekend" suite L'Alpe 
d'Huez 

  38,800   39,300  

holiday house Aucaleuc   -     40,900  
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holiday lodging lease L'Alpe 
d'Huez 

  40,900   41,100  

"long weekend" condo rent 
L'Alpe d'Huez 

  42,300   42,300  

"long weekend" condo rent 
L'Alpe d'Huez 

  42,300   42,300  

"long weekend" apartment rent 
L'Alpe d'Huez 

  42,400   42,400  

"long weekend" accommodation 
lease Etel 

  42,900   42,900  

holiday flat lease L'Alpe d'Huez   42,600   43,000  

lodging rent Merkwiller-
Pechelbronn 

  49,400   43,200  

holiday apartment lease Bedoin   43,500   43,500  

"long weekend" suite rental 
L'Alpe d'Huez 

  44,200   44,200  

"long weekend" cabin lease Etel   44,400   44,400  
holiday accommodation rent 
Bedoin 

  45,300   45,300  

"long weekend" chalet rental 
L'Alpe d'Huez 

  45,500   45,500  

accommodation lease Aucaleuc   -     45,900  

"long weekend" flat rental Etel   46,400   46,400  

"long weekend" apartment rent 
Bedoin 

  -     47,000  

pied-à-terre rental Aucaleuc   -     47,600  

"long weekend" condo rental 
L'Alpe d'Huez 

  48,100   48,100  

"long weekend" condo rental 
L'Alpe d'Huez 

  48,100   48,100  

"long weekend" condo rental 
Bedoin 

  -     48,500  

holiday accommodation Bedoin   52   48,600  

"long weekend" apartment 
rental L'Alpe d'Huez 

  48,700   48,700  

"long weekend" cabin rental Etel   48,700   48,700  

flat lease Bedoin   48,900   48,900  
vacation apartment Aucaleuc   -     49,200  

"long weekend" house lease 
Bedoin 

  -     49,200  

vacation house lease L'Alpe 
d'Huez 

  45,900   49,600  

cabin rent Merkwiller-
Pechelbronn 

  55,500   49,600  

apartment rent L'Alpe d'Huez   35,500   50,100  

vacation home lease Etel   50,100   50,400  
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holiday pied-à-terre rent 
Merkwiller-Pechelbronn 

  6,490   50,500  

holiday home rental Etel   1,320,000   50,700  

"long weekend" apartment 
rental Bedoin 

  -     51,200  

holiday home lease L'Alpe 
d'Huez 

  50,200   51,600  

vacation accommodation lease 
Bedoin 

  51,600   51,600  

vacation flat lease Merkwiller-
Pechelbronn 

  51,700   51,800  

"long weekend" house rental 
Bedoin 

  -     52,600  

apartment rental L'Alpe d'Huez   -     53,300  
accommodation Bedoin   1,300   53,300  

"long weekend" home lease Etel   53,500   53,500  
holiday house rental Etel   -     54,100  

holiday home lease Aucaleuc   -     54,400  

gite rental Bedoin   -     54,400  
holiday cabin lease Merkwiller-
Pechelbronn 

  56,900   54,600  

home lease L'Alpe d'Huez   53,700   54,900  

vacation flat rent Merkwiller-
Pechelbronn 

  57,300   55,200  

holiday suite rent L'Alpe d'Huez   34,600   55,600  

"long weekend" chalet L'Alpe 
d'Huez 

  55,800   55,800  

accommodation lease 
Merkwiller-Pechelbronn 

  62,500   56,200  

holiday condo L'Alpe d'Huez   46,900   57,100  

holiday condo L'Alpe d'Huez   46,900   57,100  

vacation house rent Merkwiller-
Pechelbronn 

  49,100   57,300  

holiday pied-à-terre rental 
Merkwiller-Pechelbronn 

  5,360   57,300  

"long weekend" suite rent L'Alpe 
d'Huez 

  57,600   57,600  

holiday lodging rental L'Alpe 
d'Huez 

  43,900   59,400  

holiday cabin rental Merkwiller-
Pechelbronn 

  59,400   59,400  

condo L'Alpe d'Huez   -     59,500  
condo L'Alpe d'Huez   -     59,500  

holiday lodging rental Aucaleuc   -     59,700  
vacation home rent L'Alpe 
d'Huez 

  58,400   59,900  

house rent L'Alpe d'Huez   59,100   60,000  
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flat rental Merkwiller-
Pechelbronn 

  64,900   61,100  

holiday lodging rent Aucaleuc   -     61,600  
vacation flat lease Aucaleuc   -     61,700  

vacation flat rent Aucaleuc   -     62,200  

vacation house rent Aucaleuc   -     62,300  
holiday cabin rental L'Alpe 
d'Huez 

  47,800   62,300  

holiday house rent Etel   62,500   62,500  

holiday accommodation lease 
Aucaleuc 

  -     63,900  

holiday lodging lease Aucaleuc   -     64,600  

vacation Bedoin   176   65,500  
vacation suite lease Aucaleuc   -     65,700  

holiday home rent L'Alpe d'Huez   62,000   65,700  

holiday suite lease Bedoin   66,300   66,000  
vacation chalet lease L'Alpe 
d'Huez 

  66,000   66,800  

"long weekend" apartment 
L'Alpe d'Huez 

  66,900   66,900  

flat rent L'Alpe d'Huez   31,900   67,000  
holiday lodging Aucaleuc   -     67,400  

vacation home rental Aucaleuc   -     67,600  
holiday cabin rent Merkwiller-
Pechelbronn 

  74,500   68,100  

vacation suite rent Aucaleuc   -     68,200  

vacation suite rental Aucaleuc   -     68,200  
flat Bedoin   210   68,200  

vacation house rental Aucaleuc   -     69,500  

vacation condo rental Aucaleuc   -     70,000  
vacation condo rental Aucaleuc   -     70,000  

gite lease Merkwiller-
Pechelbronn 

  78,400   71,500  

"long weekend" lodging L'Alpe 
d'Huez 

  71,900   71,900  

vacation condo rent Aucaleuc   -     72,600  

vacation condo rent Aucaleuc   -     72,600  
holiday accommodation lease 
Merkwiller-Pechelbronn 

  72,700   72,700  

vacation house Aucaleuc   -     73,000  

vacation houses Bedoin   -     73,000  
vacation houses Bedoin   -     73,100  

gite rent Merkwiller-
Pechelbronn 

  73,100   73,200  

holiday home rent Aucaleuc   -     73,300  

vacation pied-à-terre   6,720   73,700  
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Merkwiller-Pechelbronn 

"long weekend" accommodation 
L'Alpe d'Huez 

  75,100   76,200  

"long weekend" apartment lease 
Etel 

  76,900   76,900  

lodging rent Aucaleuc   -     77,500  
holiday suite Merkwiller-
Pechelbronn 

  78,600   78,700  

"long weekend" cabin rent Etel   78,700   78,700  
vacation condo rent L'Alpe 
d'Huez 

  73,400   78,900  

vacation condo rent L'Alpe 
d'Huez 

  73,400   78,900  

"long weekend" home L'Alpe 
d'Huez 

  79,400   79,400  

vacation suite lease L'Alpe 
d'Huez 

  73,600   79,400  

chalet rent Merkwiller-
Pechelbronn 

  84,900   80,000  

home rent Aucaleuc   -     80,000  

apartment lease Bedoin   80,500   80,500  

home lease Bedoin   82,200   81,200  
home rental L'Alpe d'Huez   78,100   81,300  

holiday cabin lease L'Alpe 
d'Huez 

  4,030,000   81,400  

chalet lease Merkwiller-
Pechelbronn 

  81,800   81,700  

home rent L'Alpe d'Huez   81,600   82,100  

gite lease Aucaleuc   -     83,400  

vacation chalet rent Merkwiller-
Pechelbronn 

  79,900   84,000  

"long weekend" house L'Alpe 
d'Huez 

  85,100   85,100  

holiday apartment rental 
Aucaleuc 

  -     85,300  

holiday apartment Aucaleuc   -     86,300  

house rental Aucaleuc   -     86,700  
holiday home Aucaleuc   29   86,900  

home rental Aucaleuc   -     87,100  
condo lease L'Alpe d'Huez   65,500   88,100  

condo lease L'Alpe d'Huez   65,500   88,100  
house rental L'Alpe d'Huez   570   88,600  

accommodation lease Etel   89,200   89,200  
holiday condo rental Bedoin   90,000   89,600  

holiday flat L'Alpe d'Huez   70,700   90,200  

flat rental L'Alpe d'Huez   85,400   90,200  

vacation cabin lease L'Alpe   107,000   91,400  
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d'Huez 

vacation suite Merkwiller-
Pechelbronn 

  92,900   91,500  

holiday lodging lease Bedoin   93,300   92,800  

holiday chalet lease Merkwiller-
Pechelbronn 

  93,100   93,100  

vacation stay Etel   8,250   93,200  
holiday home lease Etel   103,000   93,700  

flat rental Bedoin   1,340   94,500  

vacation suite rental Bedoin   95,700   94,600  
vacation pied-à-terre lease 
Bedoin 

  5,520   94,800  

vacation home L'Alpe d'Huez   -     96,000  
vacation cabin rental L'Alpe 
d'Huez 

  28,300   96,200  

holiday pied-à-terre lease 
Bedoin 

  5,220   96,500  

house rent Merkwiller-
Pechelbronn 

  105,000   96,800  

holiday chalet rent Merkwiller-
Pechelbronn 

  99,500   99,500  

pied-à-terre lease Merkwiller-
Pechelbronn 

  976   101,000  

vacation apartment Merkwiller-
Pechelbronn 

  108,000   103,000  

vacation suite rent Bedoin   104,000   103,000  

holiday home rental Merkwiller-
Pechelbronn 

  103,000   104,000  

gite rent Aucaleuc   -     104,000  

pied-à-terre rent Aucaleuc   -     107,000  

gites Etel   1,040   108,000  
holiday lodging rental Bedoin   110,000   110,000  

apartments Bedoin   559   112,000  

apartments Bedoin   559   112,000  

vacation flat rental Merkwiller-
Pechelbronn 

  121,000   114,000  

holiday house lease Merkwiller-
Pechelbronn 

  109,000   115,000  

holiday home rent Etel   114,000   115,000  
holiday accommodation Etel   -     116,000  

holiday flat rent Merkwiller-
Pechelbronn 

  109,000   116,000  

vacation Aucaleuc   -     117,000  
holiday gite lease Merkwiller-
Pechelbronn 

  111,000   118,000  

"long weekend" condo Etel   120,000   120,000  
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"long weekend" condo Etel   120,000   120,000  

vacation house rent L'Alpe 
d'Huez 

  113,000   120,000  

vacation apartment rent 
Merkwiller-Pechelbronn 

  121,000   121,000  

holiday house rental Merkwiller-
Pechelbronn 

  123,000   121,000  

holiday house L'Alpe d'Huez   -     123,000  

vacation home rental L'Alpe 
d'Huez 

  77,900   123,000  

apartment rent Bedoin   123,000   123,000  
holiday condo Merkwiller-
Pechelbronn 

  124,000   124,000  

holiday condo Merkwiller-
Pechelbronn 

  124,000   124,000  

holiday gite rent Merkwiller-
Pechelbronn 

  133,000   126,000  

holiday lodging rent Bedoin   128,000   127,000  
suite lease Merkwiller-
Pechelbronn 

  127,000   128,000  

holiday home L'Alpe d'Huez   3,430   129,000  

house lease Merkwiller-
Pechelbronn 

  129,000   129,000  

holiday apartment rent 
Merkwiller-Pechelbronn 

  131,000   131,000  

holiday condo rent Merkwiller-
Pechelbronn 

  137,000   132,000  

holiday condo rent Merkwiller-
Pechelbronn 

  137,000   132,000  

suite Bedoin   29   132,000  
holiday cabin rent L'Alpe d'Huez   110,000   135,000  

holiday flat rental Merkwiller-
Pechelbronn 

  137,000   136,000  

holiday house rent Merkwiller-
Pechelbronn 

  137,000   137,000  

suite lease Bedoin   137,000   137,000  
vacation accommodation L'Alpe 
d'Huez 

  144,000   139,000  

vacation apartment rental 
Merkwiller-Pechelbronn 

  145,000   139,000  

pied-à-terre rental Merkwiller-
Pechelbronn 

  21,600   139,000  

vacation accommodation rental 
Merkwiller-Pechelbronn 

  140,000   140,000  

holiday apartment Bedoin   -     140,000  

vacation condo rental L'Alpe 
d'Huez 

  62,200   141,000  
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vacation condo rental L'Alpe 
d'Huez 

  62,200   141,000  

chalet lease Aucaleuc   -     141,000  
chalets Etel   92   141,000  

chalet rent Aucaleuc   -     142,000  

vacation suite Bedoin   142,000   142,000  
holiday lodging L'Alpe d'Huez   132,000   144,000  

lodging lease Merkwiller-
Pechelbronn 

  143,000   144,000  

vacation accommodation rent 
Merkwiller-Pechelbronn 

  145,000   145,000  

holiday apartment rental L'Alpe 
d'Huez 

  147,000   145,000  

holiday chalet lease Aucaleuc   -     145,000  

vacation Etel   208   146,000  
holiday apartment L'Alpe d'Huez   -     148,000  

lodging rental Aucaleuc   -     148,000  
vacation house rental L'Alpe 
d'Huez 

  -     149,000  

lodging lease Aucaleuc   -     151,000  

holiday condo lease Bedoin   151,000   151,000  
gite Etel   11,500   152,000  

accommodation rental Etel   153,000   153,000  
holiday chalet lease L'Alpe 
d'Huez 

  180,000   154,000  

holiday gite lease Bedoin   154,000   154,000  

suite lease L'Alpe d'Huez   143,000   155,000  
house rent Etel   -     155,000  

home rental Bedoin   -     155,000  

holiday gite rental Merkwiller-
Pechelbronn 

  155,000   156,000  

cabin rental L'Alpe d'Huez   93,000   156,000  

pied-à-terre lease Bedoin   -     157,000  

vacation suite rental L'Alpe 
d'Huez 

  78,500   158,000  

"long weekend" accommodation 
rental Etel 

  159,000   159,000  

"long weekend" home lease 
Bedoin 

  -     160,000  

cabin rent L'Alpe d'Huez   131,000   162,000  

vacation accommodation Bedoin   94,800   162,000  
vacation lodging lease 
Merkwiller-Pechelbronn 

  166,000   165,000  

suite rent Bedoin   -     165,000  
suite rental Bedoin   165,000   165,000  

holiday condo Aucaleuc   -     169,000  



 74 

holiday condo Aucaleuc   -     169,000  

cabin lease Etel   180,000   169,000  
chalets Bedoin   172   169,000  

chalet Bedoin   5,020   169,000  

chalets Bedoin   172   169,000  
vacation flat rent L'Alpe d'Huez   161,000   170,000  

"long weekend" lodging lease 
Etel 

  175,000   175,000  

"long weekend" lodging rental 
Etel 

  175,000   175,000  

vacation home rent Etel   176,000   176,000  

holiday accommodation lease 
L'Alpe d'Huez 

  165,000   176,000  

lodging rental Merkwiller-
Pechelbronn 

  184,000   176,000  

vacation flat lease L'Alpe d'Huez   154,000   177,000  
holiday cabin lease Aucaleuc   -     177,000  

vacation cabin rent L'Alpe 
d'Huez 

  162,000   178,000  

cabin lease Aucaleuc   -     179,000  

chalet lease L'Alpe d'Huez   167,000   181,000  

vacation home Etel   4   182,000  
holiday cabin Merkwiller-
Pechelbronn 

  183,000   183,000  

vacation chalet rent L'Alpe 
d'Huez 

  141,000   183,000  

vacation lodging rent 
Merkwiller-Pechelbronn 

  178,000   184,000  

holiday condo rent L'Alpe d'Huez   181,000   184,000  
holiday chalet rent L'Alpe d'Huez   93,000   184,000  

holiday condo rent L'Alpe d'Huez   181,000   184,000  
holiday cabin rental Aucaleuc   -     187,000  

vacation chalet rental L'Alpe 
d'Huez 

  -     188,000  

house Bedoin   9,890   188,000  

holiday pied-à-terre Merkwiller-
Pechelbronn 

  991   189,000  

holiday cabin rent Aucaleuc   -     190,000  

condo rent Merkwiller-
Pechelbronn 

  193,000   193,000  

condo rent Merkwiller-
Pechelbronn 

  193,000   193,000  

holiday condo lease Etel   3,620,000   195,000  

holiday condo lease Etel   3,620,000   195,000  
holiday accommodation rental 
Merkwiller-Pechelbronn 

  200,000   197,000  

chalet rent L'Alpe d'Huez   169,000   197,000  
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"long weekend" accommodation 
lease Bedoin 

  -     197,000  

vacation houses L'Alpe d'Huez   -     198,000  
holiday apartment Etel   -     199,000  

holiday flat Etel   199,000   200,000  

vacation lodging rental 
Merkwiller-Pechelbronn 

  198,000   201,000  

pied-à-terre Bedoin YES  115,000   201,000  

"long weekend" suite lease Etel   204,000   204,000  

apartment rent Merkwiller-
Pechelbronn 

  214,000   204,000  

accommodation rental 
Merkwiller-Pechelbronn 

  214,000   205,000  

flat lease Etel   207,000   206,000  

cabin Merkwiller-Pechelbronn YES  218,000   207,000  
vacation gite lease Bedoin   207,000   207,000  

vacation accommodation rental 
L'Alpe d'Huez 

  249,000   208,000  

holiday accommodation rent 
Merkwiller-Pechelbronn 

  208,000   208,000  

suite rental Merkwiller-
Pechelbronn 

  214,000   208,000  

vacation flat rental L'Alpe d'Huez   251,000   209,000  

"long weekend" apartment 
rental Etel 

  210,000   210,000  

vacation house rental Bedoin   -     211,000  
"long weekend" apartment rent 
Etel 

  212,000   212,000  

cabin rent Etel   217,000   212,000  

vacation flat Etel   -     213,000  
home rental Etel   13,400   216,000  

vacation house L'Alpe d'Huez   128,000   219,000  
flat rental Etel   224,000   224,000  

condo rental Etel   -     225,000  

condo rental Etel   -     225,000  

pied-à-terre rent Bedoin   -     225,000  

flat rent Merkwiller-Pechelbronn   237,000   227,000  
vacation condo rental Bedoin   227,000   227,000  

vacation pied-à-terre lease 
L'Alpe d'Huez 

  9,760   229,000  

vacation gite Bedoin   231,000   232,000  
flat lease Aucaleuc   -     236,000  

holiday suite rental Bedoin   238,000   237,000  
vacation lodging Merkwiller-
Pechelbronn 

  248,000   247,000  

chalet rental L'Alpe d'Huez   2,080   250,000  
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"long weekend" apartment Etel   253,000   253,000  

holiday flat rent L'Alpe d'Huez   148,000   254,000  
accommodation rent Merkwiller-
Pechelbronn 

  265,000   256,000  

suite rent Merkwiller-
Pechelbronn 

  265,000   256,000  

vacation pied-à-terre rent L'Alpe 
d'Huez 

  8,260   257,000  

holiday home rental L'Alpe 
d'Huez 

  237,000   258,000  

holiday gite rent L'Alpe d'Huez   -     260,000  
holiday gite rental L'Alpe d'Huez   246,000   260,000  

holiday accommodation rent 
L'Alpe d'Huez 

  170,000   269,000  

holiday pied-à-terre lease L'Alpe 
d'Huez 

  9,030   269,000  

lodging rent Etel   270,000   270,000  

vacation accommodation rent 
L'Alpe d'Huez 

  2,350,000   271,000  

holiday apartment rental Bedoin   271,000   271,000  
suite lease Aucaleuc   -     272,000  

"long weekend" lodging rental 
Bedoin 

  -     280,000  

holiday home rental Aucaleuc   -     281,000  
vacation accommodation rental 
Bedoin 

  282,000   281,000  

vacation apartment L'Alpe 
d'Huez 

  -     284,000  

holiday chalet rental L'Alpe 
d'Huez 

  160,000   286,000  

vacation flat rental Bedoin   287,000   286,000  
lodging rent L'Alpe d'Huez   205,000   290,000  

holiday suite rent Bedoin   294,000   293,000  
vacation chalet lease Bedoin   295,000   295,000  

holiday lodging Etel   300,000   297,000  

holiday flat rent Aucaleuc   -     299,000  
holiday gite lease Aucaleuc   -     300,000  

lodging rental Etel   304,000   300,000  
holiday house lease L'Alpe 
d'Huez 

  291,000   304,000  

apartment Bedoin   1,890   305,000  

lodging lease L'Alpe d'Huez   293,000   306,000  
holiday gite rent Aucaleuc   -     314,000  

condo lease Etel   331,000   314,000  
condo lease Etel   331,000   314,000  

vacation flat rental Aucaleuc   -     316,000  

holiday apartment rent L'Alpe   151,000   325,000  
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d'Huez 

gite L'Alpe d'Huez   17,800   329,000  
vacation house rent Bedoin   329,000   329,000  

vacation lodging lease L'Alpe 
d'Huez 

  434,000   330,000  

holiday flat lease Etel   341,000   336,000  
holiday pied-à-terre rent L'Alpe 
d'Huez 

  8,140   340,000  

apartment rental Merkwiller-
Pechelbronn 

  -     340,000  

vacation pied-à-terre Etel   19,300   342,000  

vacation condo lease Bedoin   24,700   352,000  

apartments Merkwiller-
Pechelbronn 

  25   354,000  

vacation apartment rent L'Alpe 
d'Huez 

  161,000   356,000  

apartment rental Aucaleuc   -     357,000  

flat L'Alpe d'Huez   997   360,000  

vacation condo rent Bedoin   370,000   370,000  
"long weekend" lodging lease 
Bedoin 

  -     371,000  

apartment Merkwiller-
Pechelbronn 

  260   373,000  

chalet rent Etel   374,000   374,000  
chalet lease Bedoin   378,000   378,000  

pied-à-terre lease L'Alpe d'Huez   35,300   382,000  

holiday pied-à-terre rent Bedoin   9,620   386,000  
holiday pied-à-terre rental 
Bedoin 

  7,570   386,000  

condo lease Bedoin   205,000   388,000  
holiday suite Etel   59,600   390,000  

"long weekend" suite Etel   393,000   391,000  

holiday flat rental L'Alpe d'Huez   331,000   393,000  
gites L'Alpe d'Huez   4,090   396,000  

vacation pied-à-terre rent 
Bedoin 

  10,200   397,000  

vacation pied-à-terre rental 
Bedoin 

  8,100   397,000  

gite Bedoin   3,420   400,000  

holiday accommodation rental 
L'Alpe d'Huez 

  223,000   404,000  

apartments Aucaleuc   14   404,000  
holiday chalet rent Aucaleuc   -     407,000  

accommodation rent L'Alpe 
d'Huez 

  404,000   409,000  

condo Bedoin   -     409,000  
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vacation chalet rental Bedoin   419,000   419,000  

house lease L'Alpe d'Huez   395,000   420,000  
vacation flat Merkwiller-
Pechelbronn 

  460,000   424,000  

pied-à-terre rent L'Alpe d'Huez   35,800   425,000  

vacation stay Merkwiller-
Pechelbronn 

  425,000   425,000  

condo rental Bedoin   -     425,000  
suite lease Etel   427,000   428,000  

vacation stay L'Alpe d'Huez   392,000   428,000  
pied-à-terre rental Bedoin   -     434,000  

"long weekend" condo rent 
Bedoin 

  -     437,000  

holiday house rental Bedoin   -     440,000  
pied-à-terre rent Etel   20,700   445,000  

vacation Merkwiller-
Pechelbronn 

  -     445,000  

vacation gite lease L'Alpe d'Huez   379,000   448,000  
vacation pied-à-terre Bedoin   11,100   450,000  

vacation lodging lease Aucaleuc   -     456,000  
vacation gite rent L'Alpe d'Huez   162,000   458,000  

vacation lodging rent Aucaleuc   -     462,000  

"long weekend" chalet Etel   461,000   463,000  

apartment Aucaleuc   394   464,000  

suite rental Aucaleuc   -     467,000  
"long weekend" house Etel   471,000   471,000  

vacation flat lease Bedoin   484,000   483,000  
vacation house lease Bedoin   299,000   483,000  

holiday gite Merkwiller-
Pechelbronn 

  522,000   485,000  

holiday house lease Aucaleuc   -     495,000  
house rent Aucaleuc   -     503,000  

apartment rent Aucaleuc   -     505,000  
flat rent Aucaleuc   -     505,000  

"long weekend" lodging rent 
Bedoin 

  -     505,000  

holiday gite rental Aucaleuc   -     506,000  
holiday house rental Aucaleuc   -     506,000  

condo rent Aucaleuc   -     506,000  

suite rent Aucaleuc   -     506,000  
condo rent Aucaleuc   -     506,000  

holiday accommodation rental 
Aucaleuc 

  -     509,000  

vacation apartment rent 
Aucaleuc 

  -     511,000  

holiday condo rent Aucaleuc   -     513,000  
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holiday condo rent Aucaleuc   -     513,000  

"long weekend" apartment 
Bedoin 

  -     513,000  

holiday house rental L'Alpe 
d'Huez 

  327,000   514,000  

holiday flat rental Aucaleuc   -     515,000  

holiday house rent Aucaleuc   -     515,000  
holiday apartment rent Aucaleuc   -     516,000  

holiday accommodation 
Merkwiller-Pechelbronn 

  557,000   521,000  

gite rental L'Alpe d'Huez   489,000   523,000  

holiday house rent L'Alpe d'Huez   144,000   524,000  

vacation L'Alpe d'Huez   -     528,000  
vacation apartment rental 
Aucaleuc 

  -     531,000  

vacation accommodation rental 
Aucaleuc 

  -     533,000  

vacation accommodation rent 
Aucaleuc 

  -     534,000  

vacation stay Aucaleuc   536,000   535,000  
vacation lodging rent L'Alpe 
d'Huez 

  190,000   536,000  

vacation apartment rental L'Alpe 
d'Huez 

  -     540,000  

"long weekend" accommodation 
Bedoin 

  -     551,000  

cabin rental Etel   569,000   554,000  
holiday accommodation rent 
Aucaleuc 

  -     557,000  

gite lease Etel   565,000   561,000  

house Etel   3,370   562,000  
home lease Aucaleuc   -     564,000  

home lease Etel   582,000   567,000  

cabin Aucaleuc   -     584,000  

"long weekend" lodging Bedoin   -     587,000  

vacation gite rental L'Alpe 
d'Huez 

  496,000   590,000  

chalets Merkwiller-Pechelbronn   -     593,000  

holiday cabin Aucaleuc   -     612,000  

holiday gite Aucaleuc   -     615,000  
vacation lodging lease Bedoin   619,000   619,000  

vacation lodging rental Aucaleuc   -     621,000  
vacation flat Aucaleuc   -     644,000  

vacation lodging rental L'Alpe 
d'Huez 

  208,000   644,000  

lodging rental L'Alpe d'Huez   4,240,000   651,000  
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vacation apartment rental 
Bedoin 

  651,000   651,000  

accommodation lease Bedoin   656,000   655,000  

condo Etel   -     659,000  
condo Etel   -     659,000  

accommodation Aucaleuc   305   663,000  
holiday home lease Bedoin   666,000   667,000  

holiday pied-à-terre Etel   23,100   668,000  

vacation home rental Bedoin   668,000   669,000  
house lease Aucaleuc   -     681,000  

holiday cabin lease Etel   530,000   684,000  
house L'Alpe d'Huez   9,650   692,000  

vacation gite L'Alpe d'Huez   568,000   707,000  
vacation pied-à-terre rental 
L'Alpe d'Huez 

  9,480   712,000  

holiday cabin rental Etel   718,000   719,000  

chalet rental Merkwiller-
Pechelbronn 

  736,000   725,000  

accommodation rent Aucaleuc   -     733,000  
accommodation rental Aucaleuc   -     738,000  

vacation chalet rental 
Merkwiller-Pechelbronn 

  725,000   752,000  

holiday pied-à-terre rental 
L'Alpe d'Huez 

  8,710   755,000  

holiday chalet Merkwiller-
Pechelbronn 

  766,000   756,000  

vacation gite lease Etel   762,000   759,000  

flat Merkwiller-Pechelbronn YES  774,000   759,000  
vacation condo lease L'Alpe 
d'Huez 

  715,000   767,000  

vacation condo lease L'Alpe 
d'Huez 

  715,000   767,000  

pied-à-terre rent Merkwiller-
Pechelbronn 

  952   768,000  

chalet Merkwiller-Pechelbronn   1,770   775,000  

vacation chalet Merkwiller-
Pechelbronn 

  776,000   786,000  

vacation apartment lease Etel   795,000   788,000  

accommodation rental L'Alpe 
d'Huez 

  -     789,000  

gite rent Etel   808,000   801,000  

suite rental L'Alpe d'Huez   485,000   818,000  

holiday chalet Bedoin   -     818,000  
holiday apartment lease Etel   822,000   819,000  

holiday pied-à-terre Bedoin   30,800   819,000  
holiday cabin rent Etel   823,000   824,000  
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vacation apartment Bedoin   -     825,000  

suite Merkwiller-Pechelbronn   -     826,000  
condo rent L'Alpe d'Huez   439,000   830,000  

condo rent L'Alpe d'Huez   439,000   830,000  
vacation apartment rent Bedoin   854,000   854,000  

vacation house Bedoin   -     867,000  
apartments L'Alpe d'Huez   12,100   871,000  

vacation pied-à-terre lease Etel   1,260,000   878,000  

holiday flat rent Bedoin   -     885,000  
holiday flat rental Bedoin   885,000   885,000  

pied-à-terre rental L'Alpe d'Huez   31,100   897,000  

vacation home rental Etel   913,000   913,000  

vacation accommodation Etel   918,000   914,000  
vacation house rental Etel   -     915,000  

vacation chalet Bedoin   298,000   922,000  

vacation gite Etel   924,000   924,000  
holiday pied-à-terre lease Etel   1,260,000   945,000  

"long weekend" cabin Etel   969,000   946,000  
holiday condo rent Bedoin   948,000   947,000  

vacation pied-à-terre rent Etel   1,260,000   953,000  
vacation gite rent Etel   951,000   954,000  

gites Aucaleuc   1,280   970,000  

suite rent L'Alpe d'Huez   430,000   973,000  
home Etel   1,510   977,000  

vacation lodging rent Bedoin   977,000   977,000  
holiday chalet rent Etel   737,000   1,000,000  

vacation pied-à-terre rental Etel   1,130,000   1,020,000  
"long weekend" chalet rental 
Etel 

  1,050,000   1,030,000  

vacation accommodation rent 
Bedoin 

  1,030,000   1,030,000  

holiday gite rental Etel   1,060,000   1,060,000  

holiday suite lease L'Alpe d'Huez   1,010,000   1,080,000  

cabin Etel   -     1,080,000  

holiday accommodation lease 
Bedoin 

  1,080,000   1,080,000  

vacation cabin Etel   1,080,000   1,100,000  
holiday pied-à-terre rental Etel   1,130,000   1,100,000  

vacation house Etel   -     1,110,000  
holiday chalet rental Merkwiller-
Pechelbronn 

  1,110,000   1,110,000  

"long weekend" flat rent Etel   1,130,000   1,130,000  

gite lease Bedoin   476,000   1,130,000  
vacation lodging L'Alpe d'Huez   1,120,000   1,190,000  

gite Aucaleuc   3,710   1,200,000  
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vacation lodging Bedoin   2,400,000   1,200,000  

vacation home lease Bedoin   19,400   1,200,000  
vacation accommodation rental 
Etel 

  1,000,000   1,250,000  

gite lease L'Alpe d'Huez   1,080,000   1,250,000  

holiday pied-à-terre rent Etel   1,290,000   1,280,000  
chalet rental Aucaleuc   -     1,280,000  

vacation condo Bedoin   -     1,280,000  

lodging rent Bedoin   1,220,000   1,280,000  
holiday lodging rent L'Alpe 
d'Huez 

  182,000   1,290,000  

"long weekend" house lease Etel   1,290,000   1,290,000  

accommodation Etel   1,240   1,300,000  
vacation flat Bedoin   -     1,300,000  

vacation chalet rent Aucaleuc   -     1,310,000  
vacation chalet rental Aucaleuc   -     1,310,000  

vacation cabin lease Etel   1,400,000   1,310,000  
pied-à-terre Merkwiller-
Pechelbronn 

  7,200   1,330,000  

vacation gite rental Etel   1,350,000   1,340,000  

accommodation rental Bedoin   -     1,350,000  
condo rent Bedoin   1,350,000   1,350,000  

apartment L'Alpe d'Huez   122,000   1,360,000  

"long weekend" flat Etel   1,380,000   1,380,000  

vacation chalet Aucaleuc   -     1,410,000  

gite rent L'Alpe d'Huez   456,000   1,410,000  
vacation apartment Etel   -     1,430,000  

holiday suite rental L'Alpe 
d'Huez 

  1,210,000   1,440,000  

chalets Aucaleuc   -     1,440,000  
suite L'Alpe d'Huez   -     1,460,000  

chalet Aucaleuc   3,440   1,470,000  
holiday lodging Bedoin   1,480,000   1,480,000  

vacation cabin Merkwiller-
Pechelbronn 

  1,450,000   1,490,000  

vacation apartment rental Etel   -     1,490,000  
home Merkwiller-Pechelbronn   6,650   1,490,000  

"long weekend" house rent Etel   1,500,000   1,500,000  
gites Merkwiller-Pechelbronn   1,370   1,500,000  

holiday chalet L'Alpe d'Huez   -     1,560,000  
house Aucaleuc   830   1,560,000  

house Merkwiller-Pechelbronn   488   1,570,000  

home Aucaleuc   3,040   1,570,000  
"long weekend" condo rental 
Etel 

  1,580,000   1,580,000  

"long weekend" condo rental   1,580,000   1,580,000  
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Etel 

vacation pied-à-terre L'Alpe 
d'Huez 

  41,900   1,610,000  

"long weekend" home rent Etel   1,640,000   1,610,000  

holiday accommodation rental 
Bedoin 

  1,610,000   1,610,000  

holiday flat rental Etel   2,530,000   1,620,000  
lodging Merkwiller-Pechelbronn   -     1,660,000  

gite rental Merkwiller-
Pechelbronn 

  1,670,000   1,660,000  

holiday chalet Aucaleuc   -     1,670,000  

accommodation Merkwiller-
Pechelbronn 

  143   1,670,000  

"long weekend" suite rental Etel   1,680,000   1,680,000  

pied-à-terre lease Etel   1,300,000   1,680,000  
holiday accommodation L'Alpe 
d'Huez 

  -     1,690,000  

vacation stay Bedoin   1,690,000   1,690,000  

vacation stay Bedoin   1,690,000   1,690,000  
vacation cabin rent Etel   1,700,000   1,700,000  

gite Merkwiller-Pechelbronn   14,000   1,700,000  
vacation lodging Etel   1,720,000   1,710,000  

vacation cabin Aucaleuc   -     1,730,000  
holiday condo Bedoin   1,730,000   1,730,000  

vacation suite L'Alpe d'Huez   1,600,000   1,740,000  

chalets L'Alpe d'Huez   628,000   1,740,000  
vacation lodging rental Bedoin   1,740,000   1,740,000  

house lease Etel   1,780,000   1,750,000  
holiday cabin Etel   1,740,000   1,800,000  

holiday accommodation 
Aucaleuc 

  -     1,810,000  

pied-à-terre rental Etel   1,170,000   1,850,000  
"long weekend" condo rent Etel   1,930,000   1,930,000  

"long weekend" condo rent Etel   1,930,000   1,930,000  

"long weekend" suite rent Etel   1,950,000   1,950,000  

holiday pied-à-terre L'Alpe 
d'Huez 

  111,000   1,960,000  

"long weekend" house Bedoin   -     1,970,000  
flat Etel   572   1,980,000  

chalet Etel   832   2,010,000  

apartment rental Etel   5,430   2,020,000  
apartment Etel   2,950   2,030,000  

vacation chalet L'Alpe d'Huez   497,000   2,080,000  
chalet L'Alpe d'Huez   121,000   2,090,000  

"long weekend" accommodation   2,150,000   2,120,000  
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Etel 

"long weekend" lodging Etel   2,260,000   2,190,000  
apartment rental Bedoin   -     2,190,000  

accommodation lease L'Alpe 
d'Huez 

  22,200   2,210,000  

vacation suite Etel   159,000   2,230,000  
apartment rent Etel   182,000   2,280,000  

accommodation rent Etel   153,000   2,280,000  

condo rent Etel   2,310,000   2,280,000  
flat rent Etel   153,000   2,280,000  

condo rent Etel   2,310,000   2,280,000  
holiday gite lease Etel   2,430,000   2,430,000  

suite Etel   507   2,450,000  
holiday lodging rental Etel   2,480,000   2,480,000  

holiday apartment rent Etel   -     2,530,000  

lodging Etel YES  2,550,000   2,550,000  
holiday lodging lease Etel   174,000   2,630,000  

home L'Alpe d'Huez   38,300   2,680,000  
holiday chalet Etel   2,720,000   2,720,000  

suite rent Etel   2,770,000   2,770,000  
suite rental Etel   2,780,000   2,770,000  

vacation flat L'Alpe d'Huez   -     2,810,000  

vacation cabin L'Alpe d'Huez   2,630,000   2,840,000  

vacation flat lease Etel   1,940,000   2,850,000  

vacation lodging lease Etel   4,070,000   3,130,000  
vacation suite rent L'Alpe d'Huez   1,190,000   3,210,000  

accommodation L'Alpe d'Huez   29,100   3,330,000  
holiday gite L'Alpe d'Huez   2,270,000   3,340,000  

holiday apartment rental Etel   -     3,580,000  

vacation chalet lease Etel   3,580,000   3,590,000  
vacation chalet rental Etel   6,700,000   3,730,000  

cabin lease L'Alpe d'Huez   63,000   3,750,000  
vacation condo lease Etel   3,880,000   3,780,000  

vacation condo lease Etel   3,880,000   3,780,000  

holiday condo rental Etel   3,810,000   3,830,000  

holiday condo rental Etel   3,810,000   3,830,000  

vacation chalet rent Etel   3,880,000   3,890,000  
pied-à-terre Etel YES  151,000   4,040,000  

holiday chalet rental Etel   6,720,000   4,400,000  
holiday gite Etel   4,410,000   4,410,000  

holiday suite L'Alpe d'Huez   4,300,000   4,640,000  
apartments Etel   411   4,740,000  

holiday gite rent Etel   4,810,000   4,810,000  
cabin L'Alpe d'Huez   -     5,040,000  

holiday cabin L'Alpe d'Huez   187,000   5,150,000  

home Bedoin   3,100   5,190,000  
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vacation accommodation lease 
Etel 

  5,380,000   5,300,000  

vacation lodging rent Etel   4,080,000   5,300,000  
holiday gite lease L'Alpe d'Huez   302,000   5,380,000  

holiday lodging rent Etel   5,930,000   5,930,000  

vacation lodging rental Etel   5,970,000   5,980,000  
holiday chalet lease Etel   7,090,000   6,310,000  

pied-à-terre L'Alpe d'Huez   28,100   6,800,000  
holiday home rental Bedoin   192,000   8,520,000  

vacation cabin rental Etel   8,770,000   8,780,000  
gite rental Etel   8,170,000   8,920,000  

holiday suite Bedoin   8,970,000   8,970,000  

holiday suite rental Etel   9,400,000   9,560,000  
lodging lease Bedoin   9,950,000   9,940,000  

holiday house lease Bedoin   10,100,000   10,100,000  
chalet lease Etel   10,400,000   10,400,000  

lodging rental Bedoin   10,500,000   10,500,000  
holiday accommodation lease 
Etel 

  7,880,000   10,700,000  

holiday suite rent Etel   12,300,000   12,400,000  

holiday suite lease Etel   12,600,000   12,800,000  
"long weekend" home Etel   14,600,000   13,800,000  

vacation house lease Etel   14,100,000   13,900,000  
vacation condo rental Etel   1,080,000   14,500,000  

vacation condo rental Etel   1,080,000   14,500,000  

vacation suite rental Etel   14,900,000   15,000,000  
vacation flat rental Etel   16,200,000   16,000,000  

lodging Bedoin   -     23,200,000  
vacation suite lease Etel   27,600,000   27,000,000  

lodging L'Alpe d'Huez   3,470,000   27,000,000  
vacation condo rent Etel   28,400,000   28,000,000  

vacation condo rent Etel   28,400,000   28,000,000  

vacation suite rent Etel   28,300,000   28,300,000  

holiday house lease Etel   31,000,000   30,300,000  

holiday flat rent Etel   31,400,000   31,600,000  
vacation apartment rent Etel   -     31,900,000  

holiday condo rent Etel   32,600,000   32,700,000  
holiday condo rent Etel   32,600,000   32,700,000  

vacation flat rent Etel   34,100,000   34,400,000  

vacation accommodation rent 
Etel 

  34,400,000   35,100,000  

holiday accommodation rent Etel   34,900,000   35,900,000  

chalet rental Etel   47,700,000   46,300,000  

vacation chalet Etel   66,000,000   66,500,000  
apartment lease Etel   9,970   66,800,000  
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vacation condo Etel   -     73,200,000  

vacation condo Etel   -     73,300,000  
holiday accommodation rental 
Etel 

  79,800,000   84,000,000  

holiday condo Etel   88,400,000   89,400,000  

holiday condo Etel   88,400,000   89,400,000  
lodging lease Etel   132,000,000   133,000,000  

condo Aucaleuc   -     192,000,000  

condo Aucaleuc   -     192,000,000  
vacation suite Aucaleuc   -     211,000,000  

flat Aucaleuc   -     484,000,000  
vacation home Aucaleuc   -     749,000,000 

 


